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Abstract 
Purpose: This study aims to investigate the current state of AI literacy, identify 
critical skill gaps, and evaluate the effectiveness of training strategies for driv-
ing successful AI-driven organizational transformation within Thai enter-
prises. Design/Methodology/Approach: A mixed-methods approach was em-
ployed, beginning with a quantitative survey of 294 professionals to gauge base-
line AI awareness and confidence. This was followed by in-depth qualitative 
interviews with three key stakeholder groups: employees (n = 12), trainers (n 
= 6), and HR professionals (n = 3) from various. Findings: The research reveals 
a strong motivation for AI upskilling but a significant generational and role-
specific skill gap, particularly in practical application and ethical understand-
ing. Training initiatives focused on tools like ChatGPT demonstrably improve 
efficiency, save time, and foster positive employee attitudes. However, major 
challenges persist, including unequal access to technology, varying proficiency 
levels, and a need for more user-friendly AI design for diverse demographics. 
Practical Implications: The organizations need to come up with ongoing and 
role specific trainings, use internal champions as instructors and combine AI 
learning with re-engineering of processes. Accessibility through the provision 
of the required tools is important. A way that policymakers can contribute is 
by promoting initiatives that can introduce AI education and resources to more 
people. Originality/Value: This study provides a nuanced, multi-stakeholder 
perspective on AI adoption in Thailand, moving beyond technical implemen-
tation to focus on the human and organizational factors critical for transfor-
mation. It offers unique cultural insights, such as the emphasis on user-friend-
liness for older generations, which are absent in broader global studies. 
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Training & Development 

 

1. Introduction 

This technological revolution has brought both new opportunities as well as chal-
lenges that have never been experienced by organizations globally. Specifically, in 
the new economy of Thailand, where the government’s Thais 4.0 initiative, as well 
as the Digital Economy Promotion Agency, are already fueling digital transfor-
mation, the adoption of AI technologies has now become a strategic necessity (Sa-
raruch et al., 2025). However, despite these efforts, surveys conducted in the indus-
try have shown that only 20 - 30 percent of Thai professionals claim to be highly AI 
proficient, which suggests a critical lack of workforce preparedness that can poten-
tially become an obstacle to the digital transformation agenda of the country. 

This is not just a technical implementation issue but also a human capital devel-
opment issue. Despite the increasing availability of AI technologies, the human fac-
tor frequently becomes an obstacle to change within any organization, particularly 
the skill and literacy deficit. Visuthiphol and Pankham (2025) argue that organiza-
tions in the emerging economies continue to experience skills related challenges in 
the process of adopting new technologies. Their study highlights that insufficiency 
of digital preparedness by the staff significantly extends change efforts. In addition, 
they claim that it is important to alleviate these human-capital constraints to make 
the introduction of artificial intelligence for successful and sustainable implementa-
tion possible. The detachment is specifically very high in the emerging economies 
that have fallen prey to the digital divide and where the study has been biased, in the 
Western or technology-based industries, with an overall knowledge gap about the 
Thai setting (Muankaew & Levermore, 2025). AI literacy, as a non-technical con-
cept of cognitive insight, practical use, and ethical comprehension, has become 
a pivotal facilitator of effective change, enhanced decision-making skills, operational 
effectiveness, and the ability to innovate within organizations. 

This paper fills this research gap by looking into AI literacy in terms of various 
stakeholder views in the different Thai sectors, such as the manufacturing sector, 
information technology sector, and corporate sector (Ueasangkomsate, 2025). The 
given study provides an in-depth insight into the human aspect of AI assimilation 
through the interrogation of existing levels of digital literacy, the evaluation of the 
training programmes, and the assessment of skill deficiencies as well as the imple-
mentation issues. The results can be exploited by organisations that strive to ad-
dress the challenges of digital transformation and enhance the general theoretical 
knowledge of technology adoption in emerging markets. 

2. Theoretical Background 
2.1. Conceptualizing AI Literacy 

Artificial intelligence (AI) literacy requires more than simple technical expertise; 
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it requires a complex knowledge of the complex field of AI. Jewapatarakul and 
Ueasangkomsate (2024) assume that there are three fundamental components of 
AI literacy namely cognitive knowledge, practical aptitude, and social conscious-
ness. This includes a base level of knowledge of machine learning, natural lan-
guage processing and neural network structures, along with a certain level of pro-
cedural skill in the use of tools such as ChatGPT and Midjourney. In addition, AI 
literacy development is also promoted by the development of critical thinking 
which can put the implications of AI use in data privacy, targeted interventions, 
and societal influence into context (Kraiwanit & Terdpaopong, 2024). With the 
dynamic nature of AI application into organizational processes, the cultivation 
of such literacy becomes a key identifying determinant to employees so that they 
can act responsibly and effectively to apply AI technologies in their practice. 

2.2. AI’s Role in Organizational Transformation 

The digital era and AI’s ability to improve efficiency, innovation, and decision-
making are having a significant impact on organizational change. Theoretical frame-
works in the light of which factors that predetermine the adoption of AI can be 
made sense of are the Technology Acceptance Model (Le et al., 2024) and Diffu-
sion of Innovations (Rogers, 2003). Research across the world is pointing to the 
transformative capability of AI; McKinsey studies show that as many as 40 percent 
of workflow processes can be entirely automated by AI, which can drastically in-
crease productivity. In many cases, though, in developing markets like Thailand, 
it is the infrastructure limit that hampers adoption, and resource limits, which is 
why context-specific strategies are so critical. 

2.3. Skill Gaps in AI Adoption 

The widespread talent shortage in all industries is one of the challenges facing AI-led 
transformation. According to the World Economic Forum Future of Jobs report, De-
poo et al. (2025), practicing AI skills is not available in the non-technical segments. 
The manufacturing industry does not have predictive maintenance and AI-based di-
agnostic mechanisms, and service industries are not yet plagued by real-time engi-
neering and content creation of the generative AI platform. Another important gap 
is ethical (bias mitigation and data governance). All these weaknesses prove the point 
that there needs to be certain training programs that would not only discuss the tech-
nical side of the AI implementation but also the ethical one. Proper AI training meth-
odologies emphasize experiential learning. Leal et al. (2025) support workshops, sim-
ulations, and ongoing cycles of learning that help employees to engage with AI tools 
in practice. HR can have a significant role as a change agent that instills a culture of 
AI acceptance and helps overcome resistance, in particular, in older demographic or 
less digitally fluent employees. The keys to success are empowering internal champi-
ons, tailoring the content to the role, and committing to AI training for the overall 
objectives of the organization. Additionally, the HR needs to work with the leader-
ship to ensure that the AI project is strategically aligned with the objectives so that 
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the training can be translated into measurable organizational value. 

2.4. Thai Context and Research Gaps 

The AI National Strategy (2018-2027) of Thailand seeks to make the country an AI 
hub in the region, but issues related to the urban-rural digital divide and unequal 
access to technology remain. Although local research has already started to consider 
the application of AI, there is still a lack of qualitative studies investigating the expe-
riences of stakeholders, especially employees, trainers, and HR professionals. The gap 
in this paper will be addressed by discussing the human side of the AI transformation 
and will include data on the cultural, generational, and organisational factors in Thai-
land that affect AI literacy and adoption (Dittmar, 2025). This way, it can help to 
understand how AI can be leveraged successfully in developing economies. 

3. Methodology 
3.1. Research Design 

The present study adopted a qualitative-dominant mixed-method research design 
to thoroughly examine AI literacy and skills development in Thai enterprises. A 
qualitative interview (intensive) and a quantitative survey (mixture) were chosen 
as tools to provide breadth to the general trends and depth to the knowledge of 
subtle experience (Pandit et al., 2025). The quantitative measure provided objec-
tive information on the measures of AI literacy, confidence, and perceived gaps in 
skills in a representative sample of professionals. The qualitative strand, which was 
the focal point of this study, employed semi-structured interviews to elicit rich 
and detailed accounts of key stakeholders in the adoption and training of AI. The 
analysis and description of the qualitative data were accomplished with reference 
to the thematic analysis as the primary methodological framework. However, to 
discover the patterns, challenges, and strategic implications that might be capital-
ized upon when transforming the organization (Promma et al., 2025). Such a de-
sign suited the study of complex human and organizational phenomena especially 
well, in which contextual knowledge plays a central role. 

3.2. Data Collection 

These two significant sources of data were an extensive online survey and semi-
structured in-depth interviews (Alhusban et al., 2025). The survey sample com-
prised 294 professionals working in different areas in Thailand, such as infor-
mation technology (30 percent), manufacturing (40 percent and corporate ser-
vices 30 percent). Included in the instrument were structured questions designed 
to approximate the degree of basic AI knowledge (e.g., How confident are you in 
your knowledge of the basic AI concepts?), attitudes toward AI tools (How confi-
dent are you that you use AI technologies in your daily working?), skill gaps (In 
which areas do you believe you are least prepared to use AI?), and perceptions 
about AI and its impact on productivity and career growth. The qualitative data 
consisted of 21 semi-structured interviews that were held with three different 
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stakeholder groups. Group 1 (Employees, n = 12) comprised of participants like 
Nithi Intawarat, a lawyer who uses AI to write e-mails and check the grammar, 
and Khun Than, a graphic designer who relies on AI to generate creative ideas and 
save some time using such tools as Midjourney and ChatGPT. Group 2 (Trainers, 
n = 6) comprised the following professionals: Mr. Trin, a freelance consultant and 
with the practice based on increasing productivity through the application of AI 
tools such as ChatGPT and Canva, and with the orientation based on the applica-
tion-related instructional approaches. Group 3 (HR Professionals, n = 3) included 
senior professionals (e.g., Ms. Ratsanee Sapetch, human resources manager) with 
over 20 years of work experience and designed courses on training on ChatGPT 
to be provided to the staff of the management tier and estimated the actions to 
implement to bridge the competence gap (Ghosh, 2025). All the interviews were 
recorded and summarized with the NotebookLM to extract key themes and find-
ings. Organizational training records were used to triangulate and validate inter-
view findings with supplementary data in the form of HR reports. 

The questionnaire was structured to address AI literacy per se, using questions 
that were meant to measure three main areas, which were cognitive knowledge of 
AI tools, practical competence in the use of such tools, and ethical understanding 
of their implication on business practice. These dimensions were defined in terms 
of different sets of questions related to awareness, the use of tools, and ethical 
considerations in line with the theoretical framework developed in Section 2.1. 

3.3. Sampling 

A purposive sampling strategy was employed to ensure the selection of infor-
mation-rich participants who could provide meaningful insights into AI adoption 
in Thai enterprises. The participants had to have a significant level of professional 
experience, which would be between six and eleven years of experience or more, 
thus guaranteeing them the necessary exposure to organizational practices and 
technological changes (Ghosh, 2025). The sampling plan was made to balance the 
sector, with about 40 per cent of the sample in manufacturing, 30 per cent in in-
formation technology, and 30 per cent in corporate services; this was to represent 
the variety of contextual issues and artificial intelligence application. This method 
allowed the consideration of various views and still maintained attention to those 
participants, whose experience was directly related to the research goals. 

3.4. Data Analysis 

A systematic thematic analysis was performed on the data, using NVivo to code it 
and manage themes. The familiarization was made by means of the repeated ver-
ification of the interview summaries and responses to the survey. The research 
objectives have informed initial coding whereby codes like, skill gaps, training ef-
fectiveness, generational resistance and ethical concerns were yielded. These codes 
were further narrowed down and combined in bigger thematic units and included; 
generational and role specific divides, practical and theoretical training needs, HR 
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as change agents and access and infrastructure barriers. Descriptive statistics were 
used to measure trends in the survey data, such as the percentage of participants 
who reported moderate AI knowledge (about 60% on average) or a particular skill 
gap (Sposato, 2025). The combination of quantitative and qualitative results helped 
to have a more thorough explanation of the prevalence of the identified patterns, 
as well as the rationales behind them, which guaranteed that the analysis reflected 
the statistical trends as well as the contextual details. 

3.5. Ethical Considerations 

This study adhered to rigorous ethical standards throughout its execution. In-
formed consent was obtained from all participants, with clear communication re-
garding the study’s purpose, procedures, and intended use of data. The partici-
pants were also guaranteed their voluntary participation and had the freedom to 
drop out at any point without reprisal (Ben Ghrbeia & Alzubi, 2024). 

Anonymity and confidentiality were maintained through de-identifying the 
personal and organizational information in all personal records and publications. 
Data were kept safely according to the institutional requirements and only re-
search team had access to data. These measures ensured the protection of the rights 
of participants and high integrity of the research process. There are various limi-
tations, which should be taken into account when interpreting the findings (Ar-
naud et al., 2025). To begin with, the use of self-reported data implies the possi-
bility of social desirability bias, which means that participants can either exagger-
ate their proficiency in AI or report disadvantages. 

Second, the qualitative sample, despite its insight the sample size was quite 
small (n  =  21) and might not represent all Thai enterprises. Third, the discussion 
is centered on the particular industries and the Thai setting which makes it very 
difficult to generalize the results to other industries or cultures. In this way, sum-
maries made with NotebookLM, though effective, might have missed some nu-
ances that transcripts made verbatim would have recorded. Notwithstanding these 
shortcomings, the mixed-method design of the study and data triangulation in-
crease the validity and richness of the results. 

4. Analysis and Discussion 
4.1. Demographic Profile 

The sample consisted of an eclectic group of participants, representing Thai busi-
nesses, which has provided a rich contribution at the organizational levels and 
functions (Arnaud et al., 2025). The survey respondents (n = 294) were mostly 
representatives of large organizations (larger than 500 employees) (60%), and the 
distribution of sectors was mostly biased toward manufacturing (40%), and infor-
mation technology (30%). Such distribution of organizational sizes is also inter-
esting, and larger firms tend to have more resources to implement AI and face 
more complicated transformation issues. 

Most of the respondents indicated that they have a lot of professional experi-
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ence with about half of them having an experience that is over eleven years in their 
respective fields. This experience is pivotal, as it will support the ability of the par-
ticipants to provide longitudinal perspectives on the change in the organization 
and the adoption of technology. These levels of experience were reflected in the 
qualitative interview sample. Table 1 provides the demographic data of the re-
search participants. The sample will include respondents who work in various or-
ganizations of different sizes, sectors, experience and job position, and this will 
give a heterogeneous mix of the workforce, which makes the findings to be appli-
cable to a wide range of organization settings.  

 
Table 1. Participant demographic profile. Source: Author’s survey data (2025). 

Category Subcategory Frequency Percentage 

Organization size >500 employees 176 60% 
 

201 - 500 employees 59 20% 
 

<200 employees 59 20% 

Sector Manufacturing 118 40% 
 

Information technology 88 30% 
 

Corporate services 88 30% 

Experience 11+ years 147 50% 
 

6 - 10 years 88 30% 
 

1 - 5 years 59 20% 

Role Employees 206 70% 
 

HR/Managers 59 20% 
 

Trainers 29 10% 

a. Sample of a table footnote (Table footnote is dispensable). 
 

The demographic distribution of the respondents is shown in Figure 1. The 
figure shows a heterogeneity regarding the size of the organization, industry, and 
level of experience, and job position, hence a representative and diverse sample. 
This kind of heterogeneity increases reliability and the generalizability of the study 
results. Most of the respondents had vast work experience levels as half said that 
they had more than eleven years working in their fields. This is a critical level of 
experience since it refers to those individuals that have witnessed organizational 
changes and can provide longitudinal information about the adoption of technol-
ogy. The qualitative sample of the interview included participants with the age range 
of between 26 and 47 years and involved a heterogeneous group of occupations, 
namely law, graphic design, consulting, and human resources, which guaranteed 
a comprehensive representation of the views within the functional area of organ-
izations. Figure 2 provides an exact picture of the demographics of the partici-
pants based on such important variables as the size of the organization, their indus-
try and experience, and job titles. The distribution shows a balanced composition 
of respondents and thus the insights will show the views of various organizational  
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Figure 1. Demographic profile of study participants (n=294). Source: Author’s own survey data (2025). 
 

 
Figure 2. Comprehensive demographic profile overview. Source: author’s own survey data (2025). 
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situations. The heterogeneity of the representation increases the validity of the 
study; it implies inclusion of the trends among older and younger professionals. 
The sample of qualitative interview respondents was aged between 26 and 47 years 
and constituted an eclectic group of occupations, such as law, graphic design, con-
sulting, and human resources; the variety of the sample gives a complete account 
of views related to different functional areas of the organization. 

4.2. AI Literacy Levels and Awareness 

The paper revealed an advanced topography in relation to the understanding of 
artificial intelligence among the Thai professionals. According to the results of the 
survey presented in Table 2, the level of AI literacy was moderate, with half of the 
participants saying that they are able to explain the general AI concepts. Organi-
zational awareness, in its turn, turned out to be much greater, with forty percent 
of respondents admitting to being either very aware of AI initiatives in their re-
spective companies. 

 
Table 2. AI literacy and awareness levels. 

Metric Level Percentage Observations 

Understanding Comprehensive 15% Mostly IT professionals 

Moderate 50% Could explain general concepts 

Basic 35% Limited to tool usage 

Organizational  
awareness 

Very aware 40% Leadership and IT roles 

Somewhat aware 45% Middle management 

Minimal awareness 15% Operational staff 

Confidence level High confidence 25% Regular AI users 

Moderate confidence 45% Occasional users 

Low confidence 30% Rarely use AI tools 

 
Qualitative interview data also supported these findings. As an example, one 

may turn to a 26-year-old lawyer, Nithi Intawarat, who demonstrated the level of 
AI knowledge that she obtained at university. She has finished an AI course, she 
said, seven years ago, which provided her with a general awareness of the topic, 
and said she currently uses ChatGPT to write emails and proofread documents. 
Figure 3 represents the total rate of AI literacy and awareness among Thai spe-
cialists, highlighting the difference in the level of familiarity with AI technologies 
in different cohorts. The specified tendency makes the development of specific 
training interventions focused on the improvement of the competencies of the 
employees in artificial intelligence critical. In the basic tier, AI literacy can be 
broadly described as having a limited range of practical implementation, in 
which theoretical knowledge is largely accompanied by low-level support pos-
itivities like the writing of job-related material and checking of documentation.  
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Figure 3. AI Literacy levels and awareness among Thai professionals. Source: primary data collected by the authors (2025). 
 

On the other hand, some of the professionals showed a more proficient level of 
AI. In the case of a graphic designer, Khun Than, the use of AI technologies in his 
professional work received a rating of eight out of ten, which he explained by the 
consistent use of AI technologies in his work. He observed that AI systems have 
been widely used to support the generation of ideas and creation of visual content 
that resulted in significant improvements in productivity and time efficiency. This 
continued and ingrained use of AI in fundamental professional processes thus 
represents a high standard of AI literacy.  

Figure 3 shows the level of AI literacy and awareness of the Thai professionals. 
In general, the importance of AI was well underlined, which can be also seen in 
85 per cent of the respondents who stated that AI will be a key factor in the future 
of their industry. However, there is still present a visible disconnect between the 
reality of the importance of AI and the trust in its practical application, hence the 
need to go with more detailed, role-specific training programs. 

4.3. Identified Skill Gaps 

The research has found that there are a number of important skill shortages that 
hamper the successful implementation of artificial intelligence. The most obvious 
gaps as described in Table 3 are related to the practical use especially in areas like 
timely engineering and the use of agentic AI. Besides technical shortfalls, an im-
portant lack of knowledge in ethical awareness is noted in the AI literacy. Several 
respondents expressed their fears about the consequences of the artificial intelli-
gence on data privacy and how AI algorithms are biased. In the Thai business 
environment, these issues are enhanced by the Thai data protection laws, includ-
ing the Personal Data Protection Act (PDPA). These ethical concerns could be 
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addressed by conducting special training on ethical practices in AI, which will 
help companies to reduce the risks and foster responsible use of AI. 

Secondly, a serious gap has been determined, which has to do with the ethical 
considerations and data privacy, especially regarding the management staff. The 
most obvious gaps as described in Table 3, are related to the practical use espe-
cially in areas like timely engineering and the use of agentic AI. Besides technical 
shortfalls, an important lack of knowledge in ethical awareness is noted in AI lit-
eracy. Several respondents expressed their fears about the consequences of the ar-
tificial intelligence on data privacy and how AI algorithms are biased. In the Thai 
business environment, these issues are enhanced by the Thai data protection laws, 
including the Personal Data Protection Act (PDPA). These ethical concerns could 
be addressed by conducting special training on ethical practices in AI, which will 
help companies to reduce the risks and foster responsible use.  

The combination of Table 3 and Figure 4 identifies the most significant AI 
skill gaps that were noted throughout Thai enterprises. The results indicate that 
practical implementation and technical inculcation have the greatest gaps espe-
cially among the non-technical and operational personnel. Another issue that is 
brought up is ethical knowledge, particularly in the management that needs to 
control data governance and responsible AI utilization. These gaps highlight the  

 
Table 3. Identified AI skill gaps. 

Skill category Deficiency level Affected roles Manifestations 

Practical application High (65%) All non-technical roles Difficulty with prompt engineering, tool selection 

Ethical understanding Moderate-high (55%) Management roles Privacy concerns, bias recognition 

Technical integration High (60%) Operational staff API usage, workflow integration 

Strategic implementation Moderate (45%) Leadership ROI calculation, implementation planning 

 

 
Figure 4. Identified AI skill gaps in Thai enterprises. Source: author’s own survey data (2025). 
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real necessity of role-specific training programs alongside organization and struc-
ture so as to facilitate effective AI adoption. 

Many employees were characterized by a lack of knowledge on high-level ap-
plications like predictive maintenance or those applications that automate certain 
back-office processes, thus presenting significant difficulties. Table 3 summarises 
the major gaps in AI skills which have been observed in Thai businesses with a 
focus on mastering the required skills practically, understanding the ethical issues, 
technical integration, and strategic implementation. 

The following identified AI skill gaps are outlined in Figure 4 and it can be seen 
that the barriers to the practical implementation and technical integration were 
especially relevant. Besides, there was a clear generation gap between sectors. This 
was highlighted by a HR manager, Ms. Ratsanee Sapetch, who noted that the sen-
ior management staff tend to have reduced competencies in digital skills, thus cre-
ating a strong competence gap compared to the younger and more techno savvy 
staff.  

The resultant imbalanced situation also affects not just the performance of in-
dividuals but also the dynamics of a team and the ability of the organization to be 
innovative in its capacity. Therefore, the skill-gap analysis showed that the theo-
retical understanding of the concepts of AI was quite solid, and the practical abil-
ities of implementation were limited. Only a quarter of respondents stated that 
they feel confident in designing AI-enhanced workflows, with about 60 percent of 
them saying that they need to receive training centered on the practical use of the 
tools, as opposed to the abstract conceptualization. 

4.4. Training Programs and Implementation 

The training methods used by organizations in order to eliminate skill gaps in-
cluded different methods. The majority of the programs focused on the basic ideas 
of AI and generative applications like ChatGPT and Perplexity, often with indus-
try-specific case studies, as seen in Table 4. 

 
Table 4. Training program characteristics. 

Program aspect Characteristics Prevalence Effectiveness 

Content focus Basic concepts (70%) High Moderate 
 

Generative AI tools (60%) High High 
 

Industry applications (45%) Moderate High 

Delivery method Workshops (65%) High High 
 

Online courses (40%) Moderate Moderate 
 

Coaching sessions (35%) Moderate High 

Assessment Participation tracking (80%) High Low 
 

Skill testing (45%) Moderate High 
 

Impact measurement (25%) Low High 
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Programs were generally structured in needs-based model and incorporated in 
organization training matrices. Techniques of delivery were focused on practical 
workshops and coaching exercises, the technologies of ChatGPT helped simula-
tions were integrated into the practical ones. Trin, a freelance AI consultant de-
scribed his approach: I am only interested in department-specific applications. We 
do content generation in marketing teams and process optimization in operations. 
Role relevant applications have the greatest learning outcomes. The way assessment 
was done in different organizations differed significantly (Schiuma et al., 2024). 
Where 80 percent of them followed participation rates (only) 45 percent of them 
carried out skill testing and only 25 percent of them evaluated business impact. This 
gap in assessment can be seen as a great opportunity to enhance training evaluation 
practice. The most successful programs were those that had the feature of an ongo-
ing rather than event-based structure, included practical exercises that were appli-
cable in day-to-day work and post-training support mechanisms. Programs that had 
combined theoretical learning with instant practical implementation showed the 
best knowledge retention and implementation. 

4.5. Challenges and Management Strategies 

The implementation was fraught with a lot of difficulties that required new man-
agement approaches. As shown in Table 5, the most mentioned barriers were 
budget limitations (cited by 65 percent of the organizations sampled), engagement 
challenges (60 percent) and the presence of strong differences in the level of liter-
acy among employees (75 percent). 

 
Table 5. Implementation challenges and solutions. 

Challenge Prevalence Impact level Mitigation strategies 

Budget constraints 65% High Internal trainers, phased 
implementation 

Engagement issues 60% Moderate-high Relevance demonstration, leadership 
support 

Skill variance 75% High Tiered training, peer mentoring 

Technical barriers 55% Moderate Equipment provision, IT support 
 

Internal champions are critical players in the marketing of artificial intelligence 
in the organizational set ups (Schiuma et al., 2024). These agents are chosen ac-
cording to their proven abilities in fields of artificial intelligence and they serve as 
mentors and inspirers of their colleagues. Companies can empower such champi-
ons by equipping them with specific training materials and leadership prospects, 
therefore, allowing them to mentor others doing work related to AI. The peer-to-
peer learning scheme creates an inclusive environment in the adoption of tech-
nology, hence making the shift to AI adoption easier. Enterprises can institution-
alize a group of internal champions, who will accelerate the uptake of AI tools, by 
systematically indexing workers who possess an advanced level of competency in 
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AI tools and predisposition towards pedagogy. By encouraging internal champi-
ons to hold training, workshops, or informal learning groups, it becomes possible 
to reduce the impact of resistance and increase the level of employee trust in the 
application of AI. This type of approach does not only accelerate the adoption 
curve, but also creates a culture of continuous learning. 

4.6. Impacts of AI Literacy 

The demonstrated benefits of AI literacy were substantial across multiple dimen-
sions, as detailed in Table 6. Productivity improvements were particularly nota-
ble, with 70% of respondents reporting time savings in routine tasks. 
Table 6. Impact assessment of AI literacy. 

Impact area Significance 
level 

Manifestations Supporting evidence 

Productivity High (70%) Time savings, error 
reduction 

40% reduction in 
routine tasks 

Career 
development 

High (65%) Promotion opportunities, 
skill recognition 

50% report career 
impact 

Innovation Moderate-high 
(60%) 

New solutions, improved 
processes 

35% innovation 
increase 

Organizational 
growth 

High (75%) Efficiency gains, competitive 
advantage 

60% growth 
correlation 

 
Career effects were massive considering 50 percent of the respondents stated 

that AI skills have had a huge effect on their career development. The relationship 
between organizational growth and AI skills was steep, with 60 percent of them 
indicating that it is very crucial to organizational growth and 70 percent confirm-
ing that it is fundamental to the leadership position (Veseli et al., 2025). In quali-
tative findings, more subtle benefits were highlighted that were not metrics based. 
As an example, Khun Than showed how AI technologies transformed the creative 
process: What used to take hours of brainstorming now takes minutes. The AI will 
not replace our creativity but instead enhance its power that will help us to con-
sider more ideas and provide better results to clients. In addition, the research 
pointed out the secondary benefits such as better collaboration (as noted in 45-
percent of the teams that used AI tools), better problem-solving skills (55-per-
cent), and employee satisfaction (40-percent of the surveyed teams said they felt 
more content with their jobs as a result of reduced tediousness). 

4.7. Thematic Insights from Interviews 

One assistant HR manager who is aged 50 years said, it is hard to convince senior 
employees to use artificial intelligence. They are more at ease with conventional 
methodologies. In the meantime, a 27-year-old software developer said, “In my 
case, AI assistants like ChatGPT are part of daily business, and I cannot imagine 
doing my job without them. These opposing opinions can be seen as the example 
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of the generational gap in adopting AI, and older workers would tend to need 
more assistance in maintaining the skills gap. Being brought up with the digital 
tools, the younger generation can find it easier to incorporate AI into their day-
to-day operations, though the older employees require more formal training and 
guidance to overcome their opposition or their unfamiliarity with the technolo-
gies. The qualitative analysis revealed five central themes that provide depth to the 
quantitative findings: 

Theme 1: Spectrum of AI Literacy and Motivation: Participants displayed a 
wide range of AI proficiency levels. At the foundational level, Nithi Intawarat rep-
resented employees with a basic understanding: “I have enough knowledge to use 
simple tools but need more training to really adapt AI to my legal work.” At the 
advanced level, Khun Than demonstrated sophisticated application: “We’re not 
just using AI tools, we’re integrating them into our entire creative workflow (Shatila 
et al., 2025).” The universal motivation for learning stemmed from practical needs 
rather than theoretical interest, with most participants seeking job-specific appli-
cations. 

Theme 2: The Central Role of Structured Training: HR-led initiatives emerged 
as crucial drivers of AI adoption. Ms. Sapetch detailed their approach: “We started 
with managers because they need to understand and champion AI adoption. The 
training focused on practical ChatGPT applications for their specific management 
tasks.” Measurable benefits included time savings (30-50% on routine tasks) and 
improved output quality. Trainers emphasized practical methodology; Mr. Trin 
noted: “I show immediate practical applications of how AI can save them time 
today, not theoretical benefits for tomorrow.” 

Theme 3: Addressing the Skill Gap: The generational divide presented partic-
ular challenges. Older employees often struggled with both technical aspects and 
mindset shifts. Creative solutions emerged, including “reverse mentoring” where 
younger staff trained senior colleagues, and internal expert networks that pro-
vided ongoing support (Meena & Santhanalakshmi, 2025). One organization cre-
ated “AI champions” in each department who received advanced training and 
supported colleagues. 

Theme 4: Practical Adoption Challenges: Resource limitations significantly 
hindered implementation. Many employees lacked adequate hardware or software 
access. User experience issues also emerged, particularly for less tech-savvy users. 
Nithi suggested: “AI tools need to be more user-friendly, especially for older gen-
erations. The learning curve can be steep without proper design consideration.” 

Theme 5: Future Vision and Integration: The participants projected advanced 
AI integration in areas that were not in use. Mr. The future training Trin predicted: 
“Future training will focus on implementing AI alongside process re-engineering, 
but not on the use of tools alone but on redesigning workflows around AI capa-
bilities. The vision of automation was centered more around content workflows 
and decision-making procedures, and it was no longer task specific (Rêgo et al., 
2024). The study proves that the process of AI adoption in Thailand presents se-
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rious challenges including the skill formation and the distribution of resources 
but the high motivation of the professionals and the new best practices can offer 
a solid base to successful transformation in the organization. The nexus of the 
technical capability building and the organizational change management is the 
key discriminating factor in the success of AI implementation. 

5. Results 
5.1. Descriptive Statistics 

The questionnaire got 294 responses including valid surveys, but in this case, the 
questionnaire was sent to professionals working in different Thai enterprises to 
provide a strong empirical data that could be analyzed further. The subsequent 
findings summarize demographics, attitudes towards artificial intelligence liter-
acy, and the current situation of AI training programmes in organisations, which 
were supported with the help of the given tables and figures. A demographic pro-
file of the participants is provided in Table 7 according to the industry sector, the 
organisational size, and the role in a department. The most represented sector was 
the Manufacturing one with 118 respondents (40-percent). Information Technol-
ogy (88 respondents, 30 %) then came next followed by Corporate Services (88 
respondents, 30 %). When it comes to organisational size, the group of organisa-
tions that hired over 500 employees presented the most significant cohort (176 re-
spondents, 60 näxible representation of large organisations). Most of the respond-
ents have high levels of experience in their professions with half of them having 
11 or more years in their respective fields. It was found that the most common 
occupational category was the employees (206 respondents or 70 per cent), and 
then the HR/Managers (59 respondents or 20 per cent), and finally the trainers 
(29 respondents or 10 per cent). 

 
Table 7. Demographic profile of participants (n = 294). 

Category Subcategory Frequency Percentage 

Organization size >500 employees 176 60% 
 

201 - 500 employees 59 20% 
 

<200 employees 59 20% 

Sector Manufacturing 118 40% 
 

Information technology 88 30% 
 

Corporate services 88 30% 

Experience 11+ years 147 50% 
 

6 - 10 years 88 30% 
 

1 - 5 years 59 20% 

Role Employees 206 70% 
 

HR/Managers 59 20% 
 

Trainers 29 10% 
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Most of the interviewees had long work experience, half saying that they had 
over eleven years of experience in the fields. This experience is paramount because 
it represents a group of practitioners that have lived through organizational 
change and can provide longitudinal data about technology adoption. The quali-
tative interview group was aged between twenty-six and forty-seven years and tar-
geted a wide range of professional specialties, such as law, graphic design, con-
sulting, human resources, so that the process guaranteed a broad range of organ-
izational functions. 

5.2. Hypothesis Testing 

ANOVA Testing (Level of significance = 0.05) 
Inferential statistical methods such as Analysis of Variance (ANOVA) allow the 

researcher to determine whether statistically significant differences exist between 
the means of three or more independent groups. In the current study, a one-way 
ANOVA test was used to test the null hypothesis and ascertain important group 
differences with a level of alpha of.05. ANOVA is still a powerful tool in the com-
parison of more than two groups, which will allow to define whether the observed 
differences in the mean have reached a level of statistical significance (Tabachnick 
and Fidell, 2013). Normality and homogeneity of variance assumptions were 
checked before the analysis was done. The data were then processed as it was and 
ANOVA was then performed on the variable of interest. 

Hypothesis 1: 
There is a significant difference in the perceived criticality of AI literacy for organ-

izational growth based on the respondent’s industry sector (Luthfia et al., 2025). 
Table 8 displays the descriptive statistics for Hypothesis 1. Perceived criticality 

of artificial intelligence literacy to organizational growth was the dependent vari-
able, which was operationalized at a five-point Likert-type scale that ranged be-
tween the response of moderately critical and absolutely critical. The mean score 
was also high (M approaching 4.2 in a 5-point scale, SD equal to 0.88), which 
means that there has been a strong agreement on the significance of AI literacy. 
However, mean scores vary among sectors, which suggests that perceptions may 
differ among various sectors. 

 
Table 8. Descriptive statistics for H1 (Perceived AI criticality by industry). 

Group (Industry) n M* SD 

IT/Technology 88 4.52 0.68 

Manufacturing 118 4.19 0.83 

Corporate services 88 4.07 0.92 

Total 294 4.20 0.88 

*Scale: 1 = Not critical, 2 = Slightly, 3 = Moderate, 4 = Very critical, 5 = Absolutely critical. 
A Levene’s Test was carried out to assess variance homogeneity across groups. The result 
showed an F statistic of 0.85 and a p-value of 0.54, indicating that the assumption of equal 
variances was not violated and the data was suitable for ANOVA analysis. 
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Hypothesis 2: 
There is a significant difference in confidence in using AI tools based on whether 

an employee has received AI training (Figure 5). 
 

 
Figure 5. Perceived AI criticality by industry sector (ANOVA results: F = 4.14, p = 0.02).  
Source: author’s own survey data (2025). 

 
Table 10 summarizes the responses for Hypothesis 2. The analysis focuses on 

the categorical variable of AI training receipt (“Yes”, “No”, “Not sure”). The de-
pendent variable is the confidence level in using AI tools relevant to one’s role. The 
overall mean confidence score is moderate (M ≈ 3.2 on a 5-point scale, SD = 1.05). 

The summary of the ANOVA results of the comparison of perceived AI criti-
cality among the industry sectors is presented in Table 9 and Figure 6. The F-
value is high (4.14, p = 0.2) which means that the perception of groups is signifi-
cantly different. Comparison after the fact indicates that AI literacy is more im-
portant to the professionals working in the IT/Technology sector than in Manu-
facturing or Corporate Services. The results indicate that industries that are more 
exposed to digital show a greater understanding of the strategic value of AI. 

One-way ANOVA showed the statistically significant difference between the 
groups (F (2, 291) 13.27, p < .001). To establish the specific groups that differed a 
post-hoc Tukey HSD test was done. The post-hoc test proved that the mean con-
fidence score in the group of yes (M 3.64) was significantly more than the confi-
dence score in the group of no (M 2.74) and the group of not sure/soon (M 3.09).  
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Table 9. ANOVA table for H1. Source: Author’s own survey data (2025) 

 Sum of squares df Mean square F p 

Between groups 6.12 2 3.06 4.14 0.02 

Within groups 216.78 291 0.74   

Total 222.90 293    

A one-way ANOVA revealed a statistically significant difference between the groups 
(F(2,291) = 4.14, p = .02). Post-hoc analysis using Tukey’s HSD test indicated that the 
IT/Technology group (M = 4.52, SD = 0.68) reported significantly higher perceived criti-
cality than both the Manufacturing group (M = 4.19, SD = 0.83) and Corporate Services 
group (M = 4.07, SD = 0.92). 

 
Table 10. Descriptive statistics for H2 (Confidence by training status). 

Group (training received) n M* SD 

Yes 147 3.64 0.93 

No 118 2.74 0.99 

Not sure/Soon 29 3.09 1.04 

Total 294 3.22 1.05 

*Scale: 1 = Not confident, 2 = Slightly, 3 = Moderately, 4 = Very, 5 = Fully confident. A 
Levene’s Test statistic (F) was 0.41 with a p-value of 0.66, confirming the homogeneity of 
variances for the ANOVA. 

 

 
Figure 6. ANOVA results: Perceived AI criticality by industry sector. Source: author’s own survey 
data (2025). 
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These findings offer strong empirical data to prove that formal training on AI is 
very effective in increasing the confidence of employees in the usage of AI tools. 
Therefore, the results indicate the empirical importance of the investment in AI 
upskilling programs in Thai companies (Table 11 and Figure 7). 

 

 
Figure 7. Confidence in AI tools by training status. Source: author’s own survey data (2025). 

 
Table 11. ANOVA table for H2. Source: author’s own survey data (2025). 

 Sum of 
squares 

df 
Mean 
square 

F p 

Between groups 24.97 2 12.49 13.27 <0.001 

Within groups 274.99 291 0.94   

Total 299.96 293    

6. Discussion 
6.1. Interpretation of Results 

The results of this research indicate that AI literacy among Thai companies has a 
number of significant implications, which can be explained as supportive and add-
ing to the current body of knowledge. Notions of the perceived criticality of AI 
literacy in all industry sectors (M ≈ 4.2/5) can be compared to the findings of re-
ports by the World Economic Forum (2023) who highlight the growing relevance 
of digital competencies in the future labour market. This type of general awareness 
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of the importance of AI implies that Thai organisations regardless of their sectoral 
affiliation value the opportunities that AI technologies can bring. This large vari-
ance of the confidence levels that depends on whether or not training was received 
(F (2, 291) = 13.27, p < 0.001) gives strong evidence of the Technology Acceptance 
Model, namely the perceived usefulness dimension. Those employees that were 
formally trained had significantly higher confidence (M = 3.64) than employees 
that were not trained (M = 2.74), which proves the statement that is practical ex-
posure that enhances both the confidence and perceived utility of AI tools (Rêgo 
et al., 2024). A number of Thai-specific nuances were obtained on the basis of the 
data (Visutchiphol and Pankham, 2025). The focus on ease of use and the gener-
ational differences in the adoption of technologies indicate that cultural peculiar-
ities are not so eminent in the Western context (Meena & Santha-nalakshmi, 2025). 
This observation builds up on the Diffusion of Innovations theory by Rogers (2003), 
by showing that, culture-specific components in the emerging economies shape 
the pattern of technology adoption. 

6.2. Practical Implications 

To the HR practitioners, this data highlights the need to make the human re-
sources departments to develop and execute tailored, practical training programs 
that address unique organizational requirements. A group of 147 trained staffs 
showed significantly higher levels of confidence (M = 3.64), which implies that 
organizational focus should be on role-specific applications that may be imple-
mented immediately, as opposed to presenting generic artificial intelligence over-
views. Moreover, the HR professionals are advised to locate and mobilize internal 
champions who can support the adoption of AI and influence others through peer 
influence and success stories, especially since about and 11 years old people occu-
pied more than 11 years of experience and could potentially serve as successful 
change agents. 

To organizational leaders, the evidence recommends that the executives should 
be proactive in supporting AI initiatives and institute enabling cultures, where 
people are not afraid of making mistakes. It has been observed that executive ap-
proval seems to be a decisive factor of successful AI adoption particularly consid-
ering the fact that companies that had more than 500 workers (60% of the sample) 
showed a higher rate of AI adoption (Luthfia et al., 2025). The leaders are expected 
to invest in lifelong learning activities and to build systems that can help spread 
best practices across departments, specifically between the technical (IT/Data An-
alytics) and the non-technical operations.  

In the case of trainers, the empirical results are clearly in favor of the use of 
practice-oriented, application-oriented, pedagogical approaches. Teachers need 
to move away more theory-based tools into more practical workshops that use tools 
that are relevant to the daily activities of employees. The large reliability coefficient 
(Cronbach 0.89) of the perception measures will show that training strictly designed 
produces consistent improvements in employee attitudes toward artificial intelli-

https://doi.org/10.4236/ojl.2025.144034


R. Thanyawatpornkul 
 

 

DOI: 10.4236/ojl.2025.144034 744 Open Journal of Leadership 
 

gence, which is specifically relevant due to the heterogeneity of the sector (40% of 
the respondents in Manufacturing, 30% in IT and 30% in Corporate Services) and, 
consequently, the need to train employees through individualized methods. 

6.3. Theoretical Contributions 

This research has multiple valuable theoretical implications on the adoption of 
technology and digital literacy literature (Le et al., 2024). It builds on Technology 
Acceptance Model by adding qualitative variables that are unique to the use of AI, 
in particular, the influence of the cultural dimensions in the context of emerging 
market. The statistically significant difference in the perceived criticality between 
industry sectors (F (2, 291) = 4.14, p =0.02), with the largest ratings in IT/Tech-
nology (M = 4.52) offer a subtle insight into the impact of industry context on 
technology perception. The study offers an in-depth paradigm of interpreting AI 
literacy that includes technical skills and organizational dynamics and advances 
the conceptualization of the AI literacy by Long and Magerko (2020) (Kraiwanit 
& Terdpaopong, 2024). The validity of this framework is enhanced by the large 
sample size (n = 294) of the study in various sectors and sizes of organizations. It 
also provides comprehensive empirical data on the Thai case, which has a large 
gap in the literature on the use of AI in the emerging Southeast Asian countries. 
This paper also illustrates the role that generational differences and user-friendly 
issues play in relationship-based, hierarchical cultures in particular in influencing 
technology adoption and plays a part in a more detailed comprehension of how 
culture influences technology adoption. The results that 70 percent of the respond-
ents were ordinary employees give valuable information regarding the application 
of AI at operational levels and not only managerial views. 

The policymakers can support AI education by establishing national programs 
offering AI training and resources to enterprises of all sizes, but with special focus 
being on SMEs situated in rural areas. These are likely to close the digital divide 
and create a more inclusive workforce. Moreover, policymakers ought to encour-
age organizations to educate their workforce in AI literacy by providing tax ex-
emption or subsidies on AI upskilling programs, which will not only spur national 
growth but also promote creativity in the field of AI applications. 

6.4. Limitations and Future Research 

Although this research produces meaningful ideas on AI literacy and skills gaps 
among Thai companies, there are limitations that need to be mentioned. To start 
with, the sample of 294 respondents, though representative, might not be repre-
sentative enough in the sense of the experiences of smaller businesses or less tech-
nologically developed industries. The research mainly focuses on bigger organi-
zations, which can lead to bias in the results to more technologically advanced 
settings. The gap noted in future studies must be filled by involving a wider range 
of industries such as small and medium-sized enterprises (SMEs) in the rural ar-
eas. Thus, the sample of the qualitative interview (n = 21) is not very large and the 
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results might not be fully reflective of the overall views at all ages and all sectors 
and areas in Thailand. The future research should expand the sample and look 
into the impact of cultural elements more closely, especially in specific regions of 
Thailand where digital literacy can differ. On the other hand, second limitation is 
related to the cross-sectional nature of the study that gives a cross-sectional view 
of AI literacy at one location over time. The future studies may take the form of a 
longitudinal study to assess the effectiveness of AI training programs in the long 
term and monitor the change in AI implementation and organizational change as 
time goes by. However, the mechanisms in the field of AI literacy that need to be 
addressed in future studies include sector-related issues and the importance of AI 
literacy on the business performance indicators, to comprehend the real value of 
AI in organizational change. 

7. Conclusion 

As the current research shows, AI literacy is a key driving force of organizational 
change in Thailand; the process of its evolution requires the consideration of var-
ious interconnected issues. The analysis supports several major findings that were 
made out of the investigation of 294 professionals of the various Thai enterprises: 
AI literacy is unanimously considered important in any industry sector (M  = 
 4.2/5), and IT/Technology professionals agree with this idea (M  =  4.52). Formal 
training also increases the confidence of employees with AI tools significantly 
(trained employees have statistically significant higher levels of confidence (M = 
3.64) compared with untrained colleagues (M = 2.74), the difference is significant 
(F (2, 291) = 13.27, p = 0.001). 

It is not only the technical implementation, but also the issue of culture and the 
organization. Results show that the generation gap and the issue of user-friendli-
ness is a unique characteristic that determines the adoption of technology in the 
Thai environment, as one out of five participants who has 11 years or above expe-
rience may face greater challenges in adapting to the technology. The complex AI 
literacy issue requires a multimodal approach that would aim at tackling the tech-
nical skills, cultural obstacles, and the organizational frameworks at the same 
time. 

Based on these findings, there are evidence-based recommendations which we 
suggest. Organizations should also ensure they introduce continuous, hands-on 
training programs where practical application should be given more importance 
than theoretical training given that 60 percent of respondents were representing 
large organizations (more than 500 employees) that have more resources available 
to implement them. Training programs must be scaled to suit specific genera-
tional groups and occupations, and special attention should be paid to the need to 
increase the user-friendliness among the employees with a low level of technical 
skills. In addition, firms ought to create inclusive learning opportunities that should 
promote knowledge spread among staff members of different ranks, and the ra-
tionale is that 70 percent of them are ordinary employees who can beneficially 
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gain through peer learning systems. Based on our results that only a quarter of or-
ganizations currently measure the effectiveness of training, the human resources 
departments should develop metrics to measure the effect of AI training on em-
ployee confidence and organizational results. The leadership should make visible 
support of AI initiatives and provide safe areas of experimentation and learning 
to promote a culture of innovation and continuous improvements, which is nec-
essary since manufacturing (40 percent of the sample) and corporate services (30 
percent of the sample) might require specific implementation approaches. 

There are a few restrictions that should be mentioned. The sample used (294 
people) gives strong results, but future research should extend its boundaries to 
include the variety of organizational types and sizes. The cross-sectional design 
provides a viewpoint but excludes the possibility of tracking the changes of atti-
tudes and practices as AI technologies grow and organizational abilities emerge. 
Therefore, longitudinal designs are justified to track the long-term effectiveness 
of AI training programs and analyze the nexus of AI literacy and concrete organ-
izational performance, such as the metrics of productivity, the rate of innovation, 
and positioning. 

The study ought to be extended with respect to sector-specific differences in AI 
adoption trend especially by comparing manufacturing (40 percent of the sam-
ple), information technology (30 percent), and corporate services (30 percent) 
sectors that formed the samples. In addition, research should explore the impact 
of cultural elements on the adoption of AI in different Asian environments, thus 
contributing to the further development of the concept of the integration of AI 
into different cultural contexts. To be AI-literate is not simply a technical process; 
it is a pillar to the successful and sustainable organisational transformation in 
Thailand. With the country streamlining its stance in the world digital economy, 
a wholesome AI-literacy programme is beneficial and mandatory. According to 
the study, the full potential of AI can be fully utilised by the organisations and 
implemented in the context of Thai business environment by focusing on both 
technical and human aspects of the technology and taking into account the cul-
tural peculiarities of Thai environment. To digitally transform Thailand in the fu-
ture and to provide human resources that can innovate and maintain a competi-
tive edge in an ever-AI-based global economy, Thailand should develop AI liter-
acy that is technologically advanced and culturally sensitive. 
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