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Abstract 
Multilateral Development Banks face a critical paradox: they must adopt arti-
ficial intelligence to address the $2.5 trillion annual development financing 
gap while maintaining legitimacy across stakeholder ecosystems demanding 
human oversight and cultural sensitivity. Through analysis of 30 MDB staff 
members and 31 diverse stakeholders, we reveal that 44% of MDBs lack formal 
AI frameworks—not due to organizational failure, but as rational Legitimacy-
Centered strategy. While 56% of staff identify technical complexity as their 
primary barrier, stakeholders prioritize governance (90% demand human over-
sight) and cultural adaptation (90% require local language support) over tech-
nical sophistication. We develop a legitimacy-centered framework demonstrat-
ing that implementation gaps represent strategic incompleteness preserving 
stakeholder consultation opportunities. Our findings challenge efficiency-fo-
cused AI strategy literature, showing that mission-driven organizations must 
privilege accountability over optimization when conflicts emerge. This research 
provides first systematic evidence of how bureaucratic institutions navigate 
algorithmic transformation while protecting democratic legitimacy. 
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1. Introduction 

Multilateral Development Banks stand at an unprecedented crossroads. Estab-
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lished as bureaucratic institutions emphasizing participatory governance and 
stakeholder consensus [1], MDBs now face pressure to adopt AI technologies 
promising efficiency but potentially threatening the democratic decision-making 
underlying their legitimacy [2]. The World Bank invested over $1 billion in digital 
transformation [3], while the Asian Development Bank launched comprehensive 
AI strategies [4]. Yet systematic understanding of how these traditional bureau-
cracies maintain legitimacy during algorithmic transformation remains absent. 

This legitimacy challenge proves fundamental. Unlike commercial banks opti-
mizing for shareholder returns, MDBs derive authority from democratic man-
dates, technical expertise, and stakeholder trust across governments, civil society, 
and beneficiary communities spanning 77 countries [5]. AI implementation threat-
ens this foundation by potentially undermining participatory decision-making, 
human judgment, and cultural sensitivity that stakeholders view as essential to 
legitimate development practice. 

Preliminary evidence reveals surprising implementation patterns. Despite mount- 
ing pressure for digital transformation, many MDBs maintain incomplete AI 
frameworks, limit deployment to low-risk applications, and proceed cautiously 
through pilot programs. Are these patterns organizational failures requiring ac-
celeration, or rational institutional responses to unresolved legitimacy tensions? 

Existing AI strategy research focuses on commercial organizations pursuing 
competitive advantage through rapid technology adoption [6] [7], providing lim-
ited guidance for mission-driven institutions where legitimacy depends on serv-
ing diverse stakeholder values rather than maximizing efficiency. While institu-
tional theory addresses legitimacy maintenance [8] [9], systematic examination of 
how traditional bureaucracies adopt disruptive technologies while preserving 
stakeholder trust remains underdeveloped. 

We propose that MDB implementation patterns reflect legitimacy-centered 
strategy rather than organizational dysfunction. Through systematic analysis of 
staff experiences and stakeholder expectations, we demonstrate that incomplete 
frameworks enable continued consultation, selective application preserves partic-
ipatory governance, and gradual implementation provides legitimacy testing—all 
rational responses when efficiency gains risk legitimacy damage. This legitimacy-
centered approach contrasts fundamentally with commercial AI strategy, requir-
ing different organizational capabilities, success metrics, and strategic priorities. 

This research makes three contributions. First, we extend institutional theory 
by demonstrating that AI adoption creates legitimacy challenges qualitatively dif-
ferent from previous technological changes due to algorithmic opacity, autonomy, 
and scale simultaneously threatening multiple legitimacy sources. Second, we de-
velop legitimacy-centered AI implementation framework contrasting with effi-
ciency-focused commercial approaches, showing that institutional context funda-
mentally shapes appropriate technology strategy. Third, we provide first empirical 
evidence of stakeholder expectations for AI governance in development contexts, 
revealing universal requirements (90% human oversight, 90% cultural adaptation) 
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alongside culturally-specific priorities requiring flexible frameworks (Figure 1). 
 

 
Figure 1. Legitimacy-centered AI framework. 

2. Theory and Hypotheses 
2.1. Institutional Legitimacy and Technology Adoption 

Suchman (1995) defines legitimacy as “a generalized perception that organiza-
tional actions are desirable, proper, or appropriate within socially constructed sys-
tems of norms and values” (p. 574) [10]. For MDBs, legitimacy proves founda-
tional effectiveness depends on stakeholder acceptance rather than market com-
petition or coercive authority. Scott’s (2014) three institutional pillars illuminate 
legitimacy sources: regulative (compliance with formal rules), normative (con-
formity to professional values), and cognitive (taken-for-granted appropriate-
ness) [8]. 

Traditional bureaucracies derive legitimacy partly from procedural accounta-
bility—hierarchical approval, committee deliberation, and stakeholder consulta-
tion enabling democratic oversight [11] [12]. These procedures sacrifice efficiency 
for accountability, reflecting values where process legitimacy matters independently 
of outcomes. MDBs institutionalized participatory governance through decades 
of stakeholder engagement, creating normative expectations that development de-
cisions require community voice [13]. 
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AI Creates Novel Legitimacy Threats: Algorithmic systems differ from previous 
technologies through three characteristics threatening bureaucratic legitimacy: 1) 
Opacity—decision logic remains opaque even to developers, contradicting trans-
parency requirements; 2) Autonomy—systems make decisions independently, 
challenging human oversight expectations; 3) Scale—algorithms affect numerous 
stakeholders simultaneously, amplifying misalignment consequences. 

These characteristics threaten all three legitimacy pillars through specific mech-
anisms. Opacity undermines regulative legitimacy by preventing stakeholders 
from verifying compliance with formal rules and procedures when decision logic 
remains inscrutable. Autonomy erodes normative legitimacy by contradicting 
professional norms valuing human judgment, participatory governance, and de-
liberative decision-making central to development practice. Scale weakens cogni-
tive legitimacy by amplifying consequences of misalignment, making stakeholders 
question the taken-for-granted appropriateness of algorithmic institutions for de-
velopment requiring cultural sensitivity and human judgment when errors affect 
numerous communities simultaneously. 

H1: MDBs will maintain incomplete AI implementation frameworks, not due 
to organizational dysfunction, but to preserve flexibility for stakeholder consulta-
tion and legitimacy protection. 

2.2. Bureaucracy-Algorithm Tensions 

Bureaucratic decision-making emphasizes deliberation measured in months; AI 
enables decisions measured in milliseconds [14]. Bureaucratic authority is distrib-
uted through hierarchical structures; AI concentrates in algorithms designed by 
technical specialists. Bureaucratic accountability requires documentation and 
transparency; sophisticated AI often operates as “black boxes” with limited ex-
plainability. 

These tensions create legitimacy paradox: organizations face pressure to adopt 
innovations (AI) threatening established legitimacy sources (participatory gov-
ernance). Oliver (1991) identifies organizational responses to institutional pres-
sures ranging from acquiescence to manipulation. We propose MDBs employ 
strategic ambiguity—maintaining formal commitment to transformation (satisfy-
ing efficiency pressures) while limiting operational deployment (protecting par-
ticipatory governance). 

H2: MDB implementation will concentrate in applications enhancing internal 
efficiency (document processing, translation) while avoiding stakeholder-facing 
decisions (policy recommendations, resource allocation), reflecting strategic le-
gitimacy protection. 

2.3. Stakeholder Expectations and Cultural Variation 

Freeman’s (1984) stakeholder theory argues organizations should consider all af-
fected parties, not merely shareholders [15]. However, AI introduces technology-
mediated relationships transforming stakeholder management. Mitchell et al.’s 
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(1997) stakeholder salience framework (power, legitimacy, urgency) proves insuf-
ficient when algorithmic opacity prevents stakeholders from exercising influence 
or understanding system logic [16]. 

Moreover, MDBs operate across cultures with systematically different values. 
Hofstede’s (2001) cultural dimensions—particularly power distance and individ-
ualism-collectivism—shape governance expectations [17]. High-context cultures 
emphasize relationships and implicit communication [18]; low-context cultures 
prioritize explicit procedures. These variations suggest legitimacy pluralism where 
universal requirements coexist with culturally-specific expectations. 

H3: Stakeholder legitimacy requirements will emphasize governance structures 
and cultural adaptation over technical sophistication, with universal demands for 
human oversight alongside culturally-specific priorities varying by geographic 
context. 

3. Methods 
3.1 Research Design 

We employ exploratory mixed-methods design combining quantitative analysis 
of implementation patterns with qualitative examination of legitimacy challenges. 
This approach enables systematic pattern identification while maintaining inter-
pretive flexibility for emergent insights [19]. 

3.2. Sample and Data Collection 

MDB Staff Survey (n = 30): We surveyed staff involved in AI implementation 
across multiple MDBs. Respondents included communication managers (44%), 
technical specialists (33%), and operational roles (22%) with experience spanning 
2 - 5 years (56%), 11 - 15 years (11%), and 20+ years (33%). Geographic scope 
emphasized Sub-Saharan Africa (78%) with headquarters-based (33%) and global 
perspectives (11%). 

Multi-Stakeholder Survey (n = 31): We captured external stakeholder expec-
tations from civil society, general public across professional categories, and di-
verse geographic contexts. Demographics: 77% African (35% Cameroon, plus 
Ghana, Nigeria, others), 23% European/North American; 87% graduate degrees; 
52% aged 35 - 44. AI experience: expert (10%), advanced (48%), intermediate 
(29%), basic (10%), minimal (3%). MDB familiarity: very familiar (29%), some-
what familiar (26%), limited (26%), not familiar (19%); 67% report direct MDB 
experience. 

The stakeholder sample comprises two analytically distinct groups: 1) the full 
sample (n = 31) representing diverse stakeholders across civil society, professional 
categories, and geographic contexts, and 2) a subset identified as “general public” 
(n = 21) consisting of respondents without direct MDB employment or govern-
ance roles. Certain analyses utilize the full sample when examining universal 
stakeholder perspectives, while others focus on the general public subset to isolate 
perspectives from beneficiary communities and external observers, distinct from 
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those with institutional ties to MDBs. This distinction enables examination of 
both broad stakeholder consensus and specific concerns from communities most 
affected by but least integrated into MDB decision-making structures. 

The surveys addressed implementation status, challenges, stakeholder value in-
tegration, cultural adaptation mechanisms, governance preferences, and applica-
tion acceptance across dimensions relevant to legitimacy maintenance during AI 
adoption. 

3.3. Measures 

Implementation Maturity: We assessed strategic framework development, 
technical capacity, stakeholder integration, cultural adaptation mechanisms, per-
formance measurement, and change management on five-point scales from “no 
formal framework” to “comprehensive implementation”. 

Stakeholder Expectations: We measured governance preferences, application 
acceptance (10 use cases), cultural priority rankings, and participation expecta-
tions using Likert scales and multiple-choice items. 

Implementation Challenges: Open-ended questions captured primary barri-
ers, effectiveness assessments, and legitimacy concerns through thematic analysis 
following Braun & Clarke (2006) [20]. 

3.4. Analysis Approach 

Quantitative analysis employed descriptive statistics, frequency distributions, and 
cross-tabulations examining patterns across staff experiences and stakeholder 
groups. We identified consensus areas (>70% agreement), moderate patterns 
(50% - 70%), and variation domains (<50%). Qualitative thematic analysis coded 
open-ended responses addressing legitimacy concerns, cultural requirements, and 
organizational strategies. Integration of quantitative patterns with qualitative in-
sights enabled comprehensive legitimacy framework development. 

4. Findings 
4.1. Implementation Status: Strategic Incompleteness 

H1 Support: MDB implementation reveals systematic patterns supporting legiti-
macy-centered strategy rather than organizational failure: 

Strategic Framework Development: 44% report no formal framework (13/30), 
33% have frameworks under development (10/30), 22% maintain basic frame-
works (7/30). Zero respondents report comprehensive frameworks. This pattern 
reflects strategic incompleteness—maintaining flexibility for stakeholder consul-
tation before institutional commitment. 

This interpretation contrasts with alternative explanations such as organiza-
tional inertia or resource limitations. While these factors undoubtedly influence 
implementation pace, the deliberate selectivity of deployment patterns—concen-
trating in low-risk applications while systematically avoiding stakeholder-facing 
decisions despite technical capability—suggests intentional strategy rather than 
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passive constraint. Resource-limited organizations typically prioritize highest-
value applications; the systematic avoidance of potentially high-value but legiti-
macy-threatening uses indicates conscious legitimacy protection. Cultural Adap-
tation Mechanisms: 56% lack formal processes (17/30), 22% developing frame-
works (7/30), 22% basic implementation (6/30). This gap proves critical given 
stakeholder requirements (Section 4.3) and represents legitimacy vulnerability re-
quiring urgent attention. 

Application Adoption: Natural language processing dominates (78%, 23/30), 
followed by translation (67%, 20/30), chatbots (44%, 13/30), and automated re-
porting (33%, 10/30). Sophisticated applications remain rare: machine learning 
for risk assessment (22%), predictive analytics (11%), sentiment analysis (11%). 
Zero respondents implement policy recommendations despite potential value. 

One staff member explained: “We face pressure to demonstrate AI results 
quickly, but proper stakeholder consultation takes time. There’s no shortcut to 
legitimate development practice” (Respondent #6). 

4.2. Selective Implementation: Legitimacy-Centered Boundaries 

H2 Support: Application patterns reveal systematic boundary management: 
MDBs adopt AI for internal efficiency (document processing 78%, translation 

67%) while avoiding stakeholder-facing decisions (policy recommendations 0%, 
sentiment analysis 11%). This selectivity enables efficiency gains without threat-
ening participatory governance. As one technical specialist noted: “We focus on 
applications that help us work better, not applications that decide for communi-
ties” (Respondent #7). 

Implementation Challenges: Staff identify technical complexity as primary 
barrier (56%), followed by resource constraints (33%), cultural adaptation needs 
(33%), and senior management support (33%). However, this technical emphasis 
misaligns with stakeholder priorities emphasizing governance and cultural di-
mensions (Section 4.3), suggesting institutional learning opportunities. 

Effectiveness Assessments: Stakeholder consultation receives lowest ratings—
33% no formal processes, 33% basic effectiveness, 33% moderate effectiveness, 
zero “good” or “excellent” ratings. Cultural sensitivity assessment shows similar 
weakness: 44% no processes, 33% basic, 22% moderate. This pattern reveals sys-
tematic underperformance in stakeholder-facing dimensions critical for legiti-
macy. 

4.3. Stakeholder Expectations: Universal Requirements and 
Cultural Variation 

H3 Support: Stakeholder analysis reveals both universal demands and cultural 
specificity: 

Universal Governance Requirements: 
• Human oversight and final decision authority: 90% support (28/31). 
• Local languages and communication styles: 90% priority (19/21 general 
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public). 
• Transparent algorithms and decision processes: 74% support (23/31). 
• Regular auditing for bias and fairness: 71% support (22/31). 

These universal requirements transcend demographic categories and cultural 
contexts, establishing non-negotiable legitimacy foundations. 

Governance Preference Distribution 
• National governments/regulators: 43% of general public (9/21). 
• Development institutions themselves: 24% (5/21). 
• Multi-stakeholder bodies: 14% (3/21). 
• Technology companies: 14% (3/21). 

No consensus emerges on single governance model, indicating need for multi-
level accountability architecture accommodating diverse legitimacy sources. 

Primary Stakeholder Concerns 
• Exclusion of marginalized communities: 52% (11/21). 
• Algorithmic bias affecting funding: 48% (10/21). 
• Loss of human judgment: 43% (9/21). 
• Privacy violations: 39% (8/21). 

These concerns emphasize equity and participation over technical performance, 
revealing stakeholder evaluation through social justice lens rather than efficiency 
metrics. 

Cultural Variation: African stakeholders prioritize traditional knowledge inte-
gration (67% vs. 29% European) and marginalized community inclusion (58% vs. 
29% European), while European stakeholders emphasize privacy protection (57% 
vs. 32% African) and regulatory compliance. This variation demonstrates legiti-
macy pluralism requiring flexible frameworks rather than universal standards. 

Application Acceptance Boundaries: Stakeholders accept automated transla-
tion (67%), monitoring/evaluation (62%), and chatbots (57%) but resist policy 
recommendations (38%) and sentiment analysis (33%). This pattern reveals sharp 
distinction between AI as tool versus AI as decision-maker, with legitimacy 
boundaries drawn at applications threatening human agency. 

5. Discussion 
5.1. Theoretical Contributions 

Extending Institutional Theory: Our findings demonstrate that AI creates legit-
imacy challenges fundamentally different from previous technologies. The com-
bination of opacity (contradicting transparency), autonomy (challenging human 
oversight), and scale (amplifying misalignment) simultaneously threatens regula-
tive, normative, and cognitive legitimacy. This extends Scott’s (2014) institutional 
pillars by showing technology characteristics interact with legitimacy sources in 
ways requiring coordinated responses across all three dimensions. 

We identify legitimacy paradox where innovation adoption threatens estab-
lished legitimacy sources. MDBs resolve this through strategic ambiguity—formal 
AI commitment (satisfying efficiency pressures) with limited operational deploy-
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ment (protecting participatory governance). This extends Oliver’s (1991) institu-
tional response typology by demonstrating organizations can simultaneously ac-
quiesce and resist through domain separation [21]. 

Our legitimacy pluralism concept addresses contexts where organizations face 
culturally specific requirements preventing standardized approaches. The 67% 
African emphasis on traditional knowledge versus 29% European reveals legiti-
macy varies systematically by culture. This extends institutional theory beyond 
domestic contexts [9] to address international legitimacy navigation requiring 
flexible frameworks. 

Challenging AI Strategy Literature: Commercial AI strategy emphasizes rapid 
deployment and efficiency optimization [6] [7]. Our legitimacy-centered frame-
work demonstrates mission-driven contexts require fundamentally different ap-
proaches: 

 
Table 1. Strategic approaches to AI implementation: commercial vs. legitimacy-centered. 

Dimension Commercial Strategy Legitimacy-Centered Strategy 

Primary Objective Efficiency maximization Legitimacy maintenance 

Implementation Pace Rapid deployment Gradual consultation 

Application Priority High-value returns Participatory governance protection 

Success Metrics Financial performance Stakeholder satisfaction + efficiency 

Risk Tolerance Accept measured risks Prioritize legitimacy preservation 

 
This framework extends AI strategy theory by demonstrating institutional con-

text shapes appropriate approaches rather than technology determining universal 
best practices (Table 1). The finding that 90% stakeholders demand human over-
sight while 0% of MDBs implement decision-critical applications validates legiti-
macy-centered strategy as rational rather than dysfunctional. 

Advancing Stakeholder Theory: We extend Freeman’s (1984) stakeholder the-
ory by demonstrating technology-mediated relationships require three new di-
mensions supplementing traditional salience [16]: 1) Technical agency—stake-
holder ability to influence algorithmic systems; 2) Algorithmic visibility—under-
standing system logic; 3) Cultural alignment—system adaptation to stakeholder 
values. These dimensions prove essential when opacity prevents traditional influ-
ence exercise. 

The 91% stakeholder expectation for meaningful participation reveals demo-
cratic rights extend to technology governance beyond traditional project deci-
sions.  

We develop the concept of “technological democracy”—defined as institution-
alized stakeholder participation in algorithmic governance ensuring communities 
exercise meaningful voice and control over AI systems affecting their welfare—
describing stakeholder expectations for participatory control over algorithms af-
fecting community welfare. This extends participatory development principles 
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[13] to algorithmic contexts, distinguishing it from existing concepts of participa-
tory governance by specifically addressing the unique challenges of algorithmic 
opacity, autonomy, and scale. 

5.2. Practical Implications 

For MDB Leadership: The central implication is that legitimacy must precede 
efficiency when conflicts emerge. The 90% demands for human oversight, cultural 
adaptation, and transparency provide non-negotiable foundations. MDB execu-
tives should: 
1. Establish explicit strategic principle that AI maintains or enhances stake-

holder trust, with efficiency pursued only when compatible with accountabil-
ity. 

2. Adopt “legitimacy-testing” methodology dedicating 30% - 40% of imple-
mentation timelines to stakeholder engagement. 

3. Integrate cultural intelligence officers within AI teams with authority to 
pause deployment when appropriateness concerns emerge. 

4. Implement multi-level accountability ecosystems combining government 
oversight, stakeholder advisory bodies, technical audits, and beneficiary feed-
back. 

5. Develop multi-dimensional scorecards measuring stakeholder satisfaction, 
cultural appropriateness, and democratic participation alongside efficiency. 

Resource Reallocation: Current patterns—56% citing technical complexity as 
primary challenge, 56% lacking cultural processes—suggest investment misalign-
ment. Recommended allocation: 30% - 35% technical infrastructure, 25% - 30% 
stakeholder consultation and cultural adaptation, 20% - 25% governance develop-
ment, 10% - 15% performance monitoring, 10% - 15% change management. This 
rebalancing prioritizes legitimacy dimensions while maintaining necessary tech-
nical investment. 

Governance Innovation: The absence of consensus on single governance 
model requires multi-level architecture accommodating diverse legitimacy sources: 
government oversight (democratic legitimacy), stakeholder advisory bodies (par-
ticipatory legitimacy), technical audits (professional legitimacy), beneficiary feed-
back (pragmatic legitimacy), and institutional management (operational effec-
tiveness). This ecosystem approach acknowledges legitimacy pluralism while clar-
ifying authority boundaries. 

5.3. Limitations and Future Research 

Our staff sample (n = 30) provides rare implementation perspectives but limits 
generalization confidence. Stakeholder concentration in African contexts (77%) 
offers deep regional insight but constrains broader global claims. Survey method-
ology enables pattern identification but sacrifices interview depth. Cross-sectional 
design captures current status but cannot assess legitimacy evolution over time. 

Future research should examine: 1) Longitudinal legitimacy dynamics as AI ca-
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pabilities mature; 2) Comparative analysis across bilateral agencies, regional MDBs, 
and non-profit organizations; 3) Deep cultural studies examining specific adapta-
tion mechanisms; 4) Application-specific research revealing which AI uses prove 
most acceptable/concerning; 5) Stakeholder-specific analysis focusing on margin-
alized community experiences. 

6. Conclusions 

This research demonstrates that MDB AI implementation patterns reflect rational 
Legitimacy-centered approach rather than organizational failure. The documented 
gaps—44% lacking frameworks, 56% without cultural processes, 0% implement-
ing decision-critical applications—enable continued stakeholder consultation, 
preserve participatory governance, and provide legitimacy testing before institu-
tional commitment. 

Our legitimacy-centered framework challenges efficiency narratives dominat-
ing AI strategy discourse. For mission-driven organizations where effectiveness 
depends fundamentally on stakeholder trust, legitimacy maintenance must pre-
cede efficiency optimization. The 90% demands for human oversight, cultural ad-
aptation, and transparency alongside 91% participation expectations establish that 
accountability requirements represent strategic assets rather than constraints 
when properly leveraged through legitimacy-based differentiation. 

The bureaucracy-algorithm tension will persist as technology evolves. How-
ever, the fundamental principle remains: in institutions serving diverse commu-
nities across cultural boundaries, democratic legitimacy provides foundation en-
abling sustainable transformation rather than obstacles preventing efficient de-
ployment. This distinguishes development finance from commercial finance, par-
ticipatory development from technocratic delivery—distinctions requiring preser-
vation even as institutions embrace algorithmic capabilities. 

For practitioners, the message proves clear: move gradually, consult extensively, 
prioritize participation, adapt culturally, and recognize that legitimacy protection 
enables rather than prevents effective AI adoption in complex stakeholder ecosys-
tems requiring democratic accountability. 
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