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Abstract 
This study involves an exploration of the evolving dynamics between Artificial 
Intelligence (AI)-generated and human-created artwork with a focus on con-
sumer preference, perceived value, and emotional impact. Experiments were 
undertaken where participants were asked to evaluate and compare a series of 
human and AI-produced images without knowing the origins of each. Quan-
titative data revealed that although human artwork was preferred overall, AI-
generated pieces were selected at a rate of nearly 45%, indicating a growing 
acceptance. Also, the experimental participants consistently assigned a higher 
monetary value to human art, suggesting that human-created pieces offered 
some perceptibility to an increase in perceived worth despite a lack of knowledge 
about the origin of the artwork by participants. Qualitative responses further 
highlighted the nuanced views of AI’s role in art, acknowledging its poten-
tial as a creative tool but cautioning against its use as a replacement for hu-
man-driven creativity. This study opens avenues for further exploration into 
how AI’s integration into creative fields could reshape artistic practices, valua-
tion, and consumer perceptions/practices, and suggests a need for ethical con-
siderations as AI continues to blur the lines between human and machine cre-
ativity. 
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1. Introduction 

The convergence of Artificial Intelligence (AI) and art represents one of the most 
interesting and important technical developments of contemporary times. The 
advent of AI-generated art has expanded the boundaries of creative expression, 
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while also generating discussions about authorship, originality, and the very nature 
of art itself. With algorithms capable of producing complex and aesthetically pleas-
ing pieces, AI has emerged as both a tool and a collaborator in the artistic process 
(Boden, 2016; Elgammal, 2017; Ko et al., 2023). 

AI-generated art relies on a number of machines learning techniques, including 
Neural Networks (NNs) and Generative Adversarial Networks (GANs), to create vis-
ual artworks that can mimic or even potentially surpass human creativity (Good-
fellow et al., 2014). The importance of these technologies is further evidenced by 
the growing acceptance and integration of AI-generated art in galleries, auctions, 
and digital platforms, demonstrating its growing influence in the art world (Chris-
tie’s, 2018; Cetinic & She, 2022). 

However, AI-generated art continues to raise a number of profound questions 
about the role of human creativity and the implications of machine-generated works. 
Critics argue that while AI can emulate the technical aspects of art, it lacks the 
subjective experience and emotional depth that characterize human-driven crea-
tivity (Bellaiche et al., 2023). This highlights the fundamental question arising from 
the use of AI-generated art: what constitutes artistic merit in the age of digital inno-
vation? 

AI’s foray into the arts has triggered significant societal implications. The de-
mocratization of art creation through AI tools has made artistic expression more 
accessible to a wider audience, allowing individuals without formal training to 
produce sophisticated artworks. This accessibility challenges traditional notions 
of artistic elitism and opens up new avenues for creative exploration (Padgett, 
2024). However, it also raises concerns about the devaluation of human artistry 
and the potential loss of cultural heritage as machine-generated art becomes more 
prevalent. 

The use of AI in art production also has ethical implications related to copyright 
and intellectual property. The question of who owns the rights to AI-generated 
art (the creator of the algorithm, the user who inputs data, or the AI itself) remains 
a contentious issue. This ambiguity necessitates the development of new legal frame-
works to address the ownership and distribution of AI-generated content. 

In addition to the societal impact, there is also an economic impact. The eco-
nomic impact of AI-generated art is multifaceted. On one hand, the proliferation 
of AI tools has lowered the barrier to entry for art creation, potentially leading to 
an oversupply of artworks and driving down prices. On the other hand, AI-gener-
ated art has created new markets and opportunities for monetization, such as dig-
ital art platforms, NFTs (Non-Fungible Tokens), and personalized art services (Wang 
et al., 2021). The need for a balanced approach that leverages AI’s capabilities while 
preserving the value of human creativity is essential to ensure a sustainable and 
inclusive future for the arts. 

As we delve deeper into the potential and pitfalls of AI-generated art, it is cru-
cial to consider the ethical and economic dimensions, as well as the societal im-
pacts, of this technological evolution. The integration of AI in creative fields may 
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reshape artistic practices, consumer perceptions, and the economics of art pro-
duction, necessitating a thoughtful examination of its long-term consequences 
(Boden, 2016). 

1.1. The Economics of AI-Generated Art 

A large proportion of the previous research is based on the potential monetary 
value of AI applications. Many articles identify the concern over the loss of creative 
jobs in the workforce (Webb, 2022; Mikrut-Majeranek, 2024; Zeng & Chen, 2024). 
On the corporate side, there are many examples of the application of AI technol-
ogy to improve the flow and efficacy of workplace functionality (Wilkens, 2020; 
Tung, 2024). 

There are many different examples of economic risk attached to the use of gen-
erative AI (Boukherouaa et al., 2021). Reviews of the use of generative AI in the 
creative sector have identified the following key issues (Cetinic & She, 2022; Gon-
zalo-Brizuela & Garrido-Merchan, 2023; Bird et al., 2023): 
• Digital models can be trained using artwork created by specific users. These mod-

els can then be used to generate work similar to the original artwork. 
• Marginalized artists will not have the resources necessary to defend the cop-

yright of their work in a court of law and to ensure that representative artworks 
are not being used by generative AI system.  

Economically speaking, the creation of AI-generated art is a complex issue (Gil-
lotte, 2019; Murray, 2023). If a copyright is deemed to have been breached, legal 
teams will have to take time to determine where and who is at fault for the repro-
duction of the artwork; does it fall to the person inputting the prompt, the person 
selling the work, the person creating the tool to generate work, or the person who 
trained the AI system? 

Other studies in the video game industry showcase a fear of efficiency and cost-
effectiveness by participants due to the focus on company profit. Employees believe 
the introduction of AI systems would inevitably result in job losses and a changed 
marketplace (Yakan, 2022; Vimpari et al., 2023).  

In all creative industries, there is a concern about market saturation and deval-
uation of the artistic skill sets that these employees have. The introduction of AI 
systems into these industries could lead to a diminishing return on value that art-
ists would be able to gain, regardless of the quality of their work (Zeng & Chen, 
2024; Cetinic & She, 2022; Bird et al., 2023). This, in turn, could result in a reduc-
tion in the professional identity and value of working artists, leading to a reduction 
in the wages they would be paid as the market changes (Yakan, 2022; Jiang et al., 
2023).  

A number of previous studies have focused on the efficacy of including AI text-
to-image generation as part of the ideation phases of the artistic process helping 
to speed up and increase efficiency of those artists using it (Cetinic & She, 2022; 
Zhou & Lee, 2024). The research demonstrated that humans who utilized AI with-
out an artistic background would eventually reach a “plateau” of sorts where the 
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artistic items would appear quite similar with little to no variation within the cre-
ation of new ideas. This, in turn, led to a conclusion that trained artists who utilize 
these tools could end up breaking the barrier of generalization, and use AI to im-
prove upon their creative processes (Zhou & Lee, 2024).  

1.2. The Ethics of AI-Generated Art 

The concept of AI ethics is complex and difficult to separate from the economics 
of AI systems (Kazim & Koshiyama, 2021; Coeckelbergh, 2020). AI art cannot be 
simply classified as ethical or unethical, there is a complicated spectrum, where 
any single instance of AI-generated art can have multiple ethical issues and impli-
cations (Hagendorff, 2020). 

One example of this was the Sony World Photography competition held in 2023. 
The first prize for best photograph was awarded to an AI-generated image. This work 
was intentionally submitted, and the award was ultimately declined by the winning 
“photographer”, who claimed he was “trying to shine light on the dangers of AI 
within the marketplace of artistic endeavors” (Glynn, 2023). 

Recently, a number of lawsuits have been brought against companies building 
AI image-generation systems, mostly involving copyright infringement (Murray, 
2023; Shoemaker, 2024). These lawsuits challenge the ethics of creating art with AI 
systems by highlighting the lack of consent, credit, or compensation for the artists 
whose artworks are used to train these systems (Gillotte, 2019). 

Many academics have claimed that “generative AI art systems exploit humans 
within the industries associated with creative works and licenses” (Goetze, 2024). 
The ethical issues described here again focus on the controversy of the livelihood 
of artists functioning in many different industries, and the exploitation of the art-
ist and their works. Much of the academic analysis in this area concludes that AI 
art is unethical primarily due to the reliance on unpaid and unauthorized works that 
humans have made and posted online (Glynn, 2023; Shoemaker, 2024; Goetze, 
2024). 

Other academic studies have concentrated on the concept of the detectability of 
AI artwork, assessing the relationship between AI detectors as well as human de-
tection (Cozzolino et al., 2025, Yan et al., 2024). Previous studies have demon-
strated that the rate of human accuracy for a general user is close to 50% in deter-
mining AI art, while artists (even those with limited experience) were close to 75%. 
Professional or expert artists tested were more accurate in identifying AI-generated 
artwork than others, with around an 83% accuracy rate (Ha et al., 2024).  

The professionals were able to break down their logic of determining which pieces 
were AI- or human-created based on four factors (Ha et al., 2024):  
• Consistency in medium; 
• Intentionality in details; 
• Limitations of medium; 
• Domain knowledge. 

Experimentation has also shown that commercial AI art detection software is 
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accurate at identifying AI-generated art at a rate of around 98% (Ha et al., 2024).  

1.3. The Biases Surrounding AI-Generated Art 

Biases of AI-generated art can significantly impact consumer perceptions and the 
valuation of such art in various ways. 

The perceived authenticity of any artwork plays a crucial role and can have a 
large effect on consumer perception of the artwork. Consumers may view AI-gen-
erated art as lacking the human touch and emotional depth that traditional art-
works embody, which could lead to the perception that AI art is less authentic or 
meaningful.  

Due to the relatively recent introduction of AI-generated art, a novelty factor 
may also influence consumer perceptions. Some individuals might see AI-gener-
ated art as a novelty or gimmick rather than a serious art form, leading to skepticism 
about its artistic value and reducing its acceptance in traditional art circles.  

Furthermore, there is an established tension between innovation and tradition 
that is evident in the art world. Art enthusiasts and collectors who value traditional 
art forms might resist embracing AI-generated art, perceiving it as a threat to con-
ventional artistic practices. This resistance shapes consumer preferences and im-
pacts market demand. 

From an economic standpoint, market demand for AI-generated art might in-
itially appeal to a niche market of tech enthusiasts and early adopters. This could 
lead to fluctuations in demand and pricing as the market matures. Provenance is-
sues also arise, as the lack of clear provenance in AI-generated art (such as the cre-
ator’s identity and creative process) can severely affect its valuation. Collectors and 
investors often place high value on the artist’s background and story, which could 
be absent or less compelling in AI art. 

AI-generated art can be produced more quickly and at a lower cost compared to 
traditional art, potentially leading to an oversupply of artworks and driving down 
prices. Economic accessibility is thus another concerning bias, or market factor. The 
rapid evolution of AI technology means that what is considered innovative today may 
become obsolete tomorrow, impacting the long-term value and desirability of AI-
generated artworks.  

The ethical concerns discussed above can also play a significant role. Ongoing 
ethical debates about the use of AI in creative fields, including concerns about cop-
yright, intellectual property, and the potential displacement of human artists, can 
influence and bias consumer perceptions and the art market.  

Additionally, cultural representation is important. AI models trained on datasets 
that predominantly feature certain cultural styles or themes may produce artworks 
that reflect those biases, resulting in limited diversity in AI-generated art. This lim-
itation can make AI-generated art less relatable or appealing to consumers from 
underrepresented cultures. 

Specific examples of gender bias within generative AI systems have been well-
documented in multiple studies (Wellner, 2020; Hall & Ellis, 2023; Wan et al., 2024). 
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A number of previous studies have clearly identified implicit differences when re-
lated to generating images using girl, boy, man, or woman (Mannering, 2023; O’Con-
nor & Liu, 2024). 

In one particular study. Over a thousand images were generated by an AI system 
using vague terms instead of specific. Almost all of the prompts seemed to rein-
force stereotypes of both men and women showcasing women with more domes-
tic items in hand and men with objects associated with traditional male culture 
(Mannering, 2023).  

Another study noted social bias in relation to gender when related to profes-
sions. The research demonstrated that men were generated by AI image gener-
ation systems more often than females for nearly all professions. Also, when a 
profession was predominately marked by being a typical male or female profession, 
the AI image generators would more likely than not generate a male in the role 
(Cho et al., 2023).  

There has also been research work undertaken in the particular area of non-bi-
nary and gender-diverse depictions within AI systems. Researchers have attempted 
to retrain AI image generation systems, using biosemiotics, to remove evident gen-
der bias with images that were deliberately non-binary. The researchers were unable 
to remove the gender biases with the AI systems (Rosenbaum, 2022). 

Racial biases are another area of concern within AI image generation systems 
(Schlesinger et al., 2018; Intahchomphoo & Gundersen, 2020; Livingston, 2020; 
Banerjee et al., 2021). In one particular study, researchers tested the three leading 
AI text-to-image generators in relation to the field of the surgical profession and the 
trainees within that field alongside their specific geographic regions. From their find-
ings, 98% of all depictions of surgeons were white males, in all examples of the sur-
gical specialties. However, when referencing trainees of those surgical specialties, 
white women became far more prominent (Ali et al., 2023).  

Other research has demonstrated the inherent bias of skin tone among AI-gen-
erated images. It has been determined that this was due to models having learned 
specific biases from web image-text pairings. Utilizing the Monk Skin Tone Scale to 
illustrate this, researchers found that almost all individuals created using the stud-
ied text-to-image generators were around a five on the scale, which means they were 
typically white (Intahchomphoo & Gundersen, 2020; Cho et al., 2023). 

Other research studies have targeted multiple AI biases including: gender, race, 
age, location, as well as subjects: person, occupations, traits, and situations (Schle-
singer et al., 2018; Naik & Nushi, 2023; Anand et al., 2023). These studies found 
that bias was heavily prevalent in both DALLE-v2 and Stable Diffusion AI image 
generation models, in every one of the listed categories. The models demonstrated 
an underrepresentation of demographics, a reinforcement of stereotypes regard-
ing occupations and personality traits, and a lack of certain countries being present 
within the images that were created (Naik & Nushi, 2023). 

Studies examining an array of professions within Stable Diffusion found an overly 
large segmentation of white and Asian individuals. Approximately 85% of prompts 
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related to crime generated depictions of men. Other prompts, such as “playing 
basketball”, perpetuated stereotypes of black people. And 95% of prompts contain-
ing the words “studying” or “math” resulted in Asian individuals being generated 
within the images (Anand et al., 2023).  

When asked to generate images of Indian men, 75% of the images generated by 
Meta’s AI image tool depicted an Indian man wearing a turban. In reality, less than 
2% of Indian men regularly wear turbans. Also, the images generated often depicted 
Indian men as having lower socio-economic status than their white counterparts 
(James, 2024). 

These experimental results are easy to replicate using any of the popular AI image 
generation tools available. Despite many AI image generation providers attempt-
ing to put guardrails into place, the problem of bias continues to exist. This is a 
serious area of concern moving forward with AI generation in the Art industry, 
which has a direct effect on both the perceived and economic value of AI-gener-
ated art (Bianchi et al., 2023; Ferrara, 2024). 

By understanding and addressing these biases, creators, curators, and marketers 
of AI-generated art can better navigate the evolving landscape of consumer percep-
tions and the art market. This approach can help ensure that AI art is valued and 
appreciated as a legitimate and impactful form of creative expression. 

2. Methodology 

The research experiment undertaken examined the ways in which people can en-
gage with text-to-image work, the ways in which it can be biased or unethical, and 
the ways in which artists feel that they are being impacted by this new technology. 
One of the key areas missing from the current body of research is that of the per-
ceived value of the AI-generated artwork to the potential customers and clients of 
artists around the world. It is important that a study is undertaken comparing the 
value of human-generated art to its AI-generated counterpart. 

This study employed a survey-based, mixed-methods design to explore prefer-
ences and perceptions regarding AI-generated and human-generated artwork. The 
primary focus was on determining how participants evaluated the artistic merit and 
monetary value of a number of individual artworks, and their broader perceptions 
of AI within the creative process. The design utilized both quantitative and quali-
tative data collection, allowing for a comprehensive analysis of participants’ re-
sponses. 

2.1. Experimental Participants 

Twenty-seven participants (N = 27) were recruited via various social media posts 
and a large-scale group chat found across the social media platforms of Instagram, 
Facebook, and Reddit. The participants represented a diverse range of ages, genders, 
educational backgrounds, and cultural experiences.  

The inclusion criteria required participants to be above 18 years of age and to 
have prior exposure to visual art, in any form. No specific knowledge of AI or art 
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expertise was required. Demographic information, including age, gender, educa-
tion level, and cultural background, was collected to explore potential correlations 
between these factors and participants’ preferences throughout the study. 

2.2. Experimental Materials 

The stimuli used in the experiment consisted of five pairs of visual art images. Each 
pair included one artwork generated by a human and one by an AI model. The AI-
generated images were created using Midjourney, while the human-generated im-
ages were sourced from various human artists.  
 

 
Figure 1. The five pairs of AI and human-generated artworks used in the experiment. 
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The artworks selected for this experiment were based on artworks similar to some 
of those involved in the legal copyright disputes mentioned above. These works of 
art are shown in their respective pairs in Figure 1. 

The artworks used in this experiment were selected based on a number of sub-
jective criteria: 
• Genre and Style Diversity: The artworks selected came from a variety of genres 

and styles to account for the individual participant’s different aesthetic prefer-
ences. 

• Quality and Aesthetic Appeal: High-quality images were selected, in particular 
ones that are visually appealing and well-composed. An attempt was made to 
ensure that both AI-generated and human-created artworks had a similar level 
of technical proficiency and aesthetic value. 

• Medium Consistency: The artwork image pairs were created with similar me-
diums and styles (e.g. watercolours, oil painting) to avoid bias introduced by 
different artistic techniques. 

• Theme and Subject Matter: A range of themes and subject matter (e.g. por-
traits, fantasy, abstract) were covered across the artworks to ensure a fair com-
parison. Artworks with explicit or controversial content that might influence 
participants’ choices were avoided. 

• Variety of Complexity: The artworks selected included varying levels of com-
plexity and detail to assess how participants respond to different degrees of ar-
tistic intricacy. 

• Cultural and Contextual Relevance: Artworks that may have strong cultural or 
historical significance were avoided, since they could skew the results. 

• Artist Anonymity: The identity of the artists (whether human or AI) was kept 
anonymous to avoid any preconceived biases. 

Participants were presented with each pair of images for comparison. Each par-
ticipant was presented with the images in a random order, and with random po-
sitioning of the AI- and human-generated images. The participants were then asked 
to evaluate each image pair based on style, composition, and emotional impact, and 
select the image they considered to be the “better” artwork. 

2.3. Experimental Procedure 

Participants were instructed to view the image pairs and answer a series of ques-
tions about each pair of images. Considering aspects such as style, composition, 
and emotional impact, the participants were asked to select their preferred image 
based on each of these aspects. Participants selected either the left and right or top 
and bottom image, depending on the arrangement of the image pair.  

The participants were then asked to assign a monetary value to each image, by 
indicating how much they would be willing to pay for each of the images in every 
image pair.  

The participants were then asked a series of questions regarding their general en-
gagement with visual art. These questions included such topics as their perceptions 
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of AI’s role in art, and their emotional responses to AI-generated versus human-
generated art.  

The survey concluded with a number of open-ended questions inviting partic-
ipants to share further thoughts on the value of creativity and the role of AI in ar-
tistic production. 

Although the participant pool was predominantly Caucasian, an attempt was 
made to include as many diverse participants as possible, to capture multiple per-
spectives and lower the likelihood of biased interpretations from a homogeneous 
sample. Experimental participants were also engaged in verifying interpretations 
and conclusions to ensure that their perspectives are accurately represented.  

In an attempt to effectively minimize biases in the qualitative data analysis, the 
researchers endeavored to triangulate the multiple data sources, methods, and par-
ticipant responses to cross-verify findings, to minimize individual biases. A strong 
understanding of relevant theories, concepts, and literature in this field, also allowed 
the researchers to recognize and account for biases arising from theoretical predis-
positions. 

Throughout the analysis process, findings and interpretations were shared with 
peers or colleagues for fresh perspectives and to identify any potential biases that 
may have been overlooked. Detailed records the data collection and analysis pro-
cesses were also kept to maintain transparency, allowing others to repeat the exper-
imental procedure and verify the findings. 

2.4. Experimental Metrics 

This project aims to question the value of AI-generated art, based on a number of 
rating mechanisms. In particular this project examines whether emotional responses 
differ depending on the artwork’s source. 

To achieve this a number of metrics were determined: 
• Artistic Preference: The primary dependent variable was participants’ selec-

tion of the image they considered better from each pair (AI vs. human-gener-
ated). 

• Monetary Valuation: Participants indicated the amount they would be willing 
to pay for both their preferred and non-preferred images from each image pair. 
This measure provided insight into the perceived value of AI-generated vs. hu-
man-generated art. 

• Perception of AI in Art: Additional survey questions explored participants’ 
broader attitudes toward AI in creative endeavors. This included whether the 
participants believed AI-generated art could be as valuable as human-created 
art, and whether their emotional responses differed depending on the artwork’s 
source. 

To effectively compare AI and human artworks, it is important to use a number 
of established art evaluation metrics, a combination of subjective and objective 
evaluation criteria. Firstly, technical skills and execution can be assessed by exam-
ining the quality of brushstrokes, lines, and overall execution. Additionally, the 
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composition and layout should be analyzed for balance, symmetry, and use of neg-
ative space. Secondly, creativity and originality can be evaluated based on the unique-
ness and innovation of the artwork, as well as the complexity and depth of the un-
derlying concept or message (Brunner, 1975). 

Emotional impact is another crucial criterion, measuring the expressiveness of 
the artwork and its ability to evoke emotions and engage viewers. The mood and 
atmosphere created by the artwork should also be evaluated. Aesthetic appeal can 
be analyzed through the use of color, including harmony and contrast, as well as the 
overall visual harmony and coherence of the artwork. 

Interpretation and meaning can also be assessed by examining the use of sym-
bols and metaphors within the artwork and their effectiveness in conveying deeper 
meanings. The ability of the artwork to tell a story or communicate a narrative should 
also be considered.  

By using these evaluation criteria, a comprehensive evaluation can be made of 
any artwork, considering both its technical and expressive qualities. This approach 
allows for a balanced assessment that acknowledges the unique strengths and char-
acteristics of each type of artwork. 

2.5. Data Analysis 

Quantitative data from the image comparison questions were analyzed using de-
scriptive statistics and comparative methods to assess preferences between AI and 
human-generated images. Response distributions were then analyzed to determine 
which image type (AI or human-generated) was preferred overall, and whether 
there were significant differences in monetary valuation between the two types of 
art. 

For the qualitative data, thematic analysis was employed to categorize and in-
terpret participants’ open-ended responses regarding the value of AI in creative 
processes and its emotional impact. To minimize bias in the image comparison 
task, the image sequences were randomized and the positioning of AI and human-
generated images alternated between top/bottom and left/right arrangements. This 
helped reduce any potential order effects that might influence participants’ selec-
tions. Additionally, all participants were asked to evaluate the images based on the 
same criteria (style, composition, and emotional impact) to ensure consistency in 
the comparison process. 

To effectively merge these two types of data, the data sets were combined during 
the analysis phase. In particular an attempt was made to identify areas where the 
quantitative and qualitative data converge, diverge, or complement each other.  

Findings from both data types were compared to identify consistencies and dis-
crepancies. In particular the qualitative data was used to provide context for the 
quantitative findings, explaining the underlying factors influencing the numerical 
trends and offering a richer understanding of the results.  

The qualitative data was also used to explain unexpected or ambiguous quanti-
tative results, filling in gaps where the measured data alone could not provide a 
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comprehensive understanding of the underlying selection process. Both quantita-
tive and qualitative data were cross-checked to validate and corroborate the results, 
ensuring that the conclusions drawn from the data are robust and not merely ar-
tifacts of a single data source. 

3. Experimental Results 

Participants were asked to evaluate five pairs of visual artworks, one created by AI 
and the other by a human in different artistic styles. The comparisons were struc-
tured in different formats, either left-right or top-bottom, to determine which art-
work they preferred based on factors such as style, composition, emotional im-
pact.  

Participants were also asked to assign monetary values to the artworks and to pro-
vide feedback on the emotional depth and perceived value of AI-generated art. 

Table 1 illustrates the participants’ preference for AI- or human-generated art. 
Table 2 illustrates the amount the participants were willing to pay for AI- or hu-
man-generated art.  

 
Table 1. Participants’ preference for AI- or human-generated art. 

Preference AI-generated Art Human-generated Art 

Image 1 45% 55% 

Image 2 40% 60% 

Image 3 52% 48% 

Image 4 50% 50% 

Image 5 37% 63% 

 
Table 2. Amount participants’ willing to pay for AI- or human-generated art. 

Monetary Value AI-generated Art Human-generated Art 

Image 1 $50 $60 

Image 2 $40 $65 

Image 3 $55 $50 

Image 4 $53 $53 

Image 5 $43 $70 

 
Table 3. Percentage of participants who believed AI could be emotionally impactful. 

Emotional Impact Belief 

Image 1 40% 

Image 2 35% 

Image 3 42% 

Image 4 38% 

Image 5 30% 
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For the qualitative data, thematic analysis was employed to categorize and inter-
pret participants’ open-ended responses regarding the value of AI in creative pro-
cesses and its emotional impact. 

Table 3 illustrates the participants’ preference for AI- or human-generated art. 
These results can be summarized as follows: 

• Image Preferences: Human-generated art was generally preferred, with partic-
ipants generally favoring human-created works in four out of five of the com-
parisons. However, AI-generated art was selected about 40% - 50% of the time, 
indicating that it is increasingly accepted, or at the very least not easily distinguish-
able from human-generated art. 

• Willingness to Pay: Participants were consistently willing to pay more for hu-
man-generated artwork than for AI-generated art. On average, human-created 
pieces were valued 15% - 25% higher than AI art. 

• Emotional Impact: A minority of participants (35% - 42%) believed that AI-
generated art could evoke emotions comparable to human-created art. However, 
the majority still associated human art with greater emotional depth. 

4. Data Analysis 

None of the participants selected AI-generated content as their preferred image from 
each pair. However, three of the twenty-seven participants selected human-created 
images as their preference from each image pair.  

Segmenting the preference data into age groups offers an insight into the choices 
of the participants. A Pearson correlation on age values against the percentage pref-
erence of human-created images over that of AI-generated ones was undertaken. 
The results of this correlation calculation for all of the twenty-seven participants are 
shown in Table 4. 

 
Table 4. Pearson correlation on age values against the percentage preference.  

Preference Human over AI 

20 - 29 64% 

30 - 39 70% 

40 - 49 60% 

50 - 59 100% 

60 - 69 70% 

 
Figure 2 illustrates this information and highlights specific ages as well as their 

preference trend for human-created artwork in this study. 
There is an undeniable trend of increasing preference for human-generated art-

work with increasing age. However, the obtained t-statistic from the Pearson cor-
relation calculation was 1.181, with a degree of freedom (df) of 25. This demonstrates 
a lack of statistical significance between the variables of age and preference of hu-
man-created or AI-generated artwork.  
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Figure 2. Graph of preference for human over AI artwork against participant age. 
 

An examination of the dollar amount individuals was willing to pay is shown 
in Figure 3. Since the participants were unaware of whether or not an image, they 
had chosen was AI-generated or human-created, the results are noteworthy. Hu-
man-created art was almost always evaluated at a higher dollar value than the AI-
generated pieces. 

 

 
Figure 3. Graph of willingness to pay for AI against human-generated art. 

 
When the willingness to pay (value) data and AI/human art preference data are 

aggregated, immediate correlations become apparent (Figure 4). A higher rate of 
payment is always associated with images that were created by humans than that 
of AI. It is also worth noting that the two images with the highest preference towards 
the human-created versions as well as the highest discrepancy for dollar amounts 
were both images that contained portraits of humans.  

Qualitative data was collected from the participants at the end of the survey through 
open-ended questions. This yielded diverse feedback that addressed several areas 
of interest relevant to this study.  

From the responses, six key themes emerged: AI as a Tool vs. Replacement, Eth-
ical Concerns, Human Connection, Perception of Value, Creative Process, and Crit-
icism of AI Art. Although these themes were not the original focus of the study, 
they provide valuable insights into how users engage with and perceive art in the 

https://doi.org/10.4236/adr.2025.131005


J. Hall, D. Schofield 
 

 

DOI: 10.4236/adr.2025.131005 79 Art and Design Review 
 

context of AI integration and replacement.  
 

 
Figure 4. Graph of willingness to pay for AI. 

 
Selected summarized responses from the participants are listed in Table 5. 

 
Table 5. Selected quotes from qualitative data collection by category. 

1. AI as a Tool vs. Replacement 

• “I see AI as another tool in an artist’s toolkit... It’s a good way to get inspired, but it 
should not be passed off as your own work.” 

• “AI can be a wonderful tool to come up with patterns/shapes you wouldn’t otherwise 
have come up with.” 

• “AI should not be used to replace artists in the industry.” 
• “We need safeguards in place to preserve art as a human medium of expression.” 

2. Ethical Concerns 

• “I would have less of an issue with AI if the current models ethically sourced their 
learning material.” 

• “If there are resources available to point people in the direction of alternatives, I would 
love to hear about them.” 

3. Human Connection 

• “I expect some element of human touch to art I consume.” 
• “Creating art is a process including intent. Experiencing art is a process of connecting 

with the artist.” 
• “AI art has neither intent nor carries a possibility of human connection.” 
• “The creativity from a human-made artwork seems more soulful.” 
• “AI art completely devalues creativity because it steals from different artists of the 

same medium.” 

4. Perception of Value 

• “The thing most influencing the ‘value’ of art is the ability to self-promote and gather 
proper connections of the creator.” 

• “What people will pay is often an issue modulated by the level of disposable income & 
perceived investment/profit.” 
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Continued 

5. Creative Processes 

• “Intentional synergism between human creativity & AI could expand the expression of 
art.” 

• “End of the day— everyone will have their own opinions and definitions regarding 
what constitutes creativity/art/emotions.” 

6. Criticism and Concerns about AI Art 

• “Creativity comes from human minds and AI art... has no heart or emotion behind it.” 
• “AI art can be beautiful, but...the thing that influences its ‘value’ is often not the art  

itself.” 

5. Discussion 

The findings from this research study offer important insights into the evolving 
relationship between AI and the creative arts, particularly in terms of preference 
and economic valuation. Although human-created artwork was generally preferred 
throughout the survey, with participants favoring these pieces in most compari-
sons, the fact that AI art was selected nearly 45% of the time leads to two possible 
conclusions: 
• AI-generated art has reached a point where it is indistinguishable from human-

generated art. 
• There is a significant acceptance and interest in AI-generated works.  

It should be assumed that this statistic demonstrates that the advancements in 
generative AI capabilities enable these systems to emulate artistic styles and po-
tentially evoke human-like emotions, but also reflect a shifting perception of AI 
within the wider community. As AI technology continues to develop, its ability to 
produce visually appealing and conceptually engaging art is destined to improve. 
This, in turn, will lead to audience preferences changing over time and eventually 
one can imagine a world where there is no difference between AI- and human-
generated art. 

Despite this noteworthy level of acceptance, the data revealed a consistent trend 
in the current perception of AI-generated artwork. The human-created artworks 
were consistently assigned higher monetary values compared to their AI-gener-
ated counterparts. This observation raises important questions about the under-
lying factors that contribute to the perceived value of a particular artwork. Partic-
ipants were not informed of the origins of each of the artworks they were shown 
(human or AI-generated), yet the disparity in dollar amounts suggests that the 
economic value associated with art is influenced not only by aesthetic appeal but 
also perhaps by the perceived authenticity and creative process behind the art-
work.  

These findings indicate that while AI-generated art can achieve a degree of lika-
bility comparable to human-created pieces, it still currently lacks the intrinsic value 
tied to human intent and craftsmanship which is somehow perceptible to humans 
when viewing artworks side-by-side, in comparison to one another. 
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When experiencing and enjoying more traditional art forms, viewers often ap-
preciate the time, effort, and skill required to produce a particular piece of art. In 
contrast, the ease with which AI can generate art may lead to questions about the 
depth and rigor of the creative process. This perspective aligns with broader ethi-
cal concerns about the potential devaluation of artistic labor in a landscape increas-
ingly populated by AI. 

The conclusions being drawn from the experimental data align with much of 
the previous research on the economic impact of AI-generated art, which has 
demonstrated that the issue is multifaceted. As noted by Webb (2022) and Mikrut-
Majeranek (2024), there are significant concerns about potential job losses in cre-
ative fields due to AI integration. This echoes the findings of Zeng and Chen 
(2024), who highlighted the fear of market saturation and devaluation of artistic 
skills. 

The quantitative analysis based on data collected from this study reveals that 
while AI-generated art is gaining traction and acceptance, it still faces challenges 
in achieving the same economic valuation as human-created art. This challenge is 
still present even when it is uncertain whether or not the art was created by AI. Cur-
rently, there remains some level of perceptibility towards the human nature of the 
artwork’s origin. As society continues to explore the intersection of art and tech-
nology, understanding these dynamics will be crucial for shaping the future of cre-
ative expression and the role of AI within it. The boundaries between human-cre-
ated artworks and those created by an AI are destined to become increasingly dif-
ficult to interpret. 

In the qualitative responses there is significant interplay between the interpre-
tation of the artistic processes involved in creating the artwork and the resulting 
perceived value of any particular work of art. A recurring theme emphasizes that 
the process of creation is often valued more than the final product itself, particu-
larly when estimating pricing and potential value. This sentiment highlights a crit-
ical tension in the art world: while technology facilitates the ease of reproduction, 
it may inadvertently devalue the work of traditional artists. A number of partici-
pants expressed concerns that the commodification of art through AI-generated 
works undermines the unique contributions of human creativity, particularly re-
garding the emotional and experiential aspects inherent in traditional art-making 
processes. 

One notable response from a participant who worked as an art trader and pur-
chaser underscored their personal sense of offense caused by AI-generated art be-
ing misrepresented as solely human-created. This perspective highlights again the 
ethical dilemmas surrounding authorship and authenticity in the age of AI. Such 
sentiments align with the findings from previous research studies, suggesting that 
many within the artistic community are grappling with similar issues regarding the 
integrity of art as it becomes increasingly entwined with AI technology. The respond-
ent acknowledges the utility of AI as a tool for enhancing artistic processes, a view-
point echoed by others who see AI not as a replacement but as a complementary 

https://doi.org/10.4236/adr.2025.131005


J. Hall, D. Schofield 
 

 

DOI: 10.4236/adr.2025.131005 82 Art and Design Review 
 

instrument that can facilitate creativity and innovation. 
A number of participants articulated concerns about the ethical implications of 

AI art generation, particularly regarding the sourcing of training materials. Many 
expressed a desire for greater transparency in how AI models are trained while call-
ing for ethical standards to ensure that artists’ works are not exploited without due 
credit. This call for ethical considerations resonates with the broader discourse on 
AI in the creative industries, highlighting the need for a framework that respects 
the contributions of human artists while harnessing the potential of AI technology 
for the betterment of the creative arts moving forward. 

The ethical implications of AI-generated art are closely intertwined with its 
economic aspects, as noted by Kazim and Koshiyama (2021) and Coeckelbergh 
(2020). The recent lawsuits against AI image generation companies, as reported 
by Murray (2023) and Shoemaker (2024), underscore the ethical concerns sur-
rounding consent, credit, and compensation for artists whose work is used to train 
AI systems. 

The issue of copyright infringement, as discussed by Cetinic and She (2022) and 
Bird et al. (2023), remains a significant challenge. The complexity of determining 
liability for AI-generated art that potentially violates copyright aligns with the ob-
servations made by Gillotte (2019) and Murray (2023). 

The detectability of AI-generated art, as studied by Ha et al. (2024), provides 
interesting insights into the human ability to distinguish between AI and human-
created art. Their findings of professional artists achieving an 83% accuracy rate 
in identifying AI-generated artwork based on factors such as consistency in me-
dium and intentionality in details offer a valuable benchmark for future research. 

Some participant comments touched upon the theme of human connection in 
art. These participants believe that genuine artistic expression involves a level of 
intention and emotional depth that AI cannot replicate. There is some of this vis-
ible within the findings of the qualitative areas of the study when users are fre-
quently preferring human-created pieces and offering higher dollar amounts with 
value related to those pieces. The lack of human connection in AI-generated art 
raises questions about the essence of creativity and the role of the artist in society 
underscoring the necessity for ongoing dialogue about the implications of AI in cre-
ative fields, as the erosion of personal connection could fundamentally alter how 
art is experienced and valued within society. 

Conducting an experiment to determine whether participants prefer AI-gener-
ated or human-created artworks involves several confounding factors that could 
affect the results. Some of the key confounding factors in this experiment include: 
• Participant Bias: Participants may have preconceived notions about AI and hu-

man creativity. This bias can influence their preferences and responses, regard-
less of the actual quality of the artworks. 

• Cultural and Societal Influences: Cultural background and societal values can 
play a significant role in shaping participants’ perceptions of art. These influ-
ences might affect how participants view AI-generated versus human-created 
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artworks. 
• Familiarity with AI: Participants’ familiarity with AI technology can impact their 

judgments. Those with more exposure to AI may have different perceptions com-
pared to those who are less familiar. 

• Presentation Format: The way artworks were presented (e.g. digital screen ver-
sus physical prints) can influence participants’ preferences. Differences in for-
mat could affect the perception of details, colors, and overall impact. 

• Artistic Style Preferences: Individual preferences for certain artistic styles or 
genres can confound the results. For example, a participant who prefers ab-
stract art might favor AI-generated abstract pieces over realistic human-created 
artworks. 

• Emotional State: Participants’ emotional states at the time of the experiment 
can influence their responses. Factors such as mood, stress levels, and personal 
experiences might affect their judgments of the artworks. 

• Order of Presentation: The sequence in which artworks are presented could 
introduce order effects. Participants might show a preference for artworks shown 
earlier or later in the experiment due to primacy or recency effects. 

• Environmental Factors: External factors such as lighting, room temperature, 
and noise levels during the experiment could impact participants’ focus and per-
ception of the artworks. 

The biases present in AI-generated art, as identified in this study, align with pre-
vious research in this area. The gender biases observed in our experiment are con-
sistent with the findings of Mannering (2023) and O’Connor and Liu (2024), who 
noted the reinforcement of gender stereotypes in AI-generated images. 

Our results regarding racial biases in AI-generated images corroborate the find-
ings of Ali et al. (2023), who found a significant overrepresentation of white males 
in depictions of surgeons. Similarly, our observations on skin tone bias are in line 
with the research of Intahchomphoo and Gundersen (2020) and Cho et al. (2023), 
who used the Monk Skin Tone Scale to demonstrate the prevalence of lighter skin 
tones in AI-generated images. 

The comprehensive study by Naik and Nushi (2023) on multiple AI biases, in-
cluding gender, race, age, and occupation, provides a broader context for our find-
ings. Their observation of underrepresentation of certain demographics and rein-
forcement of stereotypes across various categories aligns with our results, suggest-
ing that these biases are pervasive across different AI image generation models. 

This experiment attempted to address as many of these confounding factors as 
possible. Any future experimentation should include careful experimental design, 
including randomization, blinding, and controlling for external variables, to en-
sure the validity and reliability of the findings. 

The experimental findings from the experiment conducted in this paper largely 
corroborate and extend the existing literature on the economic, ethical, and bias-
related aspects of AI-generated art. However, further research is needed to ad-
dress these challenges and develop more equitable and ethical AI art generation 
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systems. 
Finally, it should be noted that the participants’ varied perspectives illustrate 

the evolving landscape of art and AI technology. While some view AI as a threat 
to traditional artistic values, others see it as an opportunity for growth and explo-
ration. This dichotomy reflects the broader ongoing societal debates about the role 
of technology in creative practices (as well as other areas of life) and the future of 
art in an increasingly digital world. As this conversation continues to evolve, it is 
crucial to consider how these qualitative insights can inform policy and educational 
frameworks that support both human creativity and technological advancement 
in the arts. 

6. Limitations and Future Research 

The research presented in this paper itself contains a range of limitations that were 
beyond the scope of this experimental project. These aspects of the research could 
be improved within future studies: 
• Sample size: The small sample size (N = 27) limits the generalizability of the 

findings. It would be better to significantly expand the sample size in future stud-
ies to hopefully achieve more statistical significance in the results. 

• Diversity: Within this experiment, there was an inability to diversify the partici-
pant demographic, and most respondents were Caucasian. The results would be 
validated if a more expansive diverse sample population was used. 

• Lack of Context for Artwork: While the artwork in this experiment was gener-
ated by both AI and humans, the lack of knowledge of origin may dramatically 
affect user preference and valuation. Based on the qualitative responses from 
this experiment, knowledge of the original of each artwork, and by implication 
the nature of the creative process, could significantly affect the perceived value 
of the artworks. 

• Limited Scope of Artwork: The experiment undertaken and described in this 
paper focused on digital visual art. The experiment did not cover the full range 
of visual art styles, nor did it consider art within other mediums such as music, 
literature, sculpture, etc.  

• Art Expertise of Participants: This experiment relied on a randomly selected 
set of participants. Having the ability to segment the sample pool based on the 
participants’ level of knowledge relating to specific pieces of art under consid-
eration would give much deeper insights into the process of selecting and assign-
ing value to AI- and human-generated artworks. 

Future research accounting for these limitations could result in more profound 
results and highlight a range of perspectives that were not considered in this study. 

7. Conclusion 

The experiment described in this paper emphasizes the interplay between human-
generated and AI-generated art. The project revealed critical insights into public 
perceptions and valuations of these two distinct creative processes, particularly when 
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knowledge of the creative process behind an artwork is unknown.  
Despite a general preference for human-created artwork, the experimental par-

ticipants’ significant selection of AI-generated pieces demonstrates the increasing 
acceptance and potential of AI as a legitimate player in the artistic landscape. This, 
in turn, indicates a growing acknowledgment that AI can emulate aspects of human 
creativity and is beginning to bridge the gap with regard to emotional depth and 
intent attributed to human artists. 

Furthermore, the willingness of the participants to pay more for human-gener-
ated art underscores the distinction between preference and economic value. Par-
ticipants consistently assigned a higher monetary value to human-generated works, 
suggesting that while AI art may be comparable in likability, it still carries less 
perceived economic worth even if the original artist (AI or human) is unknown. 
This discrepancy points to an inherent bias that values the creative process and 
the human touch, elements that AI-generated art struggles to replicate. It appears 
that many of the participants were able to perceive this difference, in some way, 
within this study. 

Similarly to other research in this field, this experiment seems to suggest that hu-
mans working together with AI to detect AI seems to be the best solution for all sit-
uations. This is crucial when considering the ethical impacts that potential fraud-
ulent art pieces could produce (Jiang et al., 2023).  

The qualitative responses gathered at the end of the experiment further enrich 
the understanding of the dynamic thought processes undertaken by the participants 
when selecting and valuing the artworks. The comments covered a wide range of 
views, from seeing AI as a valuable tool for enhancing artistic expression to raising 
ethical concerns about the implications of AI art on traditional artistry and the 
creative industry. Notably, the emphasis on process over product among many par-
ticipants highlights a critical aspect of art appreciation that transcends mere aes-
thetics. Unfortunately, this is not fully addressed within this study, but could be 
covered in future research. 

As the role of AI in creative practices continues to evolve, considerations arise 
for both artists and consumers as navigating the challenges and opportunities pre-
sented by AI integration into the creative process is crucial. Policymakers, educators, 
and industry stakeholders must engage in thoughtful discussions regarding the eth-
ical implications of AI in the arts and the importance of fostering an environment 
that values human creativity alongside technological innovation. 

Ultimately, the research presented in this paper underscores the need for ongo-
ing dialogue around the role of AI in creativity. Future research can build on this work 
by employing similar methods to those presented here, while hopefully develop-
ing a narrower focus with regard to genre, potential value, and process. Through 
this lens, society can navigate the complexities of art and its relation to AI, ensur-
ing that both human artists and technological advancements coexist and enrich 
the creative landscape rather than harm one another as further technological advance-
ments occur. 
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